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Abstract

Debt crises in developing countries are becoming increasingly prominent. To
promote sustainable sovereign borrowing and lending, the International Mon-
etary Fund and the World Bank jointly assess countries’ debt risks and issue
Debt Sustainability Analysis (DSA). Since its introduction in 2005, the DSA
framework has become a cornerstone of sovereign lending and borrowing, guid-
ing both public and private lending practices. Although the DSA’s stated goal
is to provide technical assessments, we find that geopolitical dynamics system-
atically influence the content of DSA reports. Using an original dataset of over
1,013 DSAs for low-income countries from 2005 to 2024, we show that coun-
tries politically aligned with the United States tend to receive more favorable
risk ratings, more positive text, and more optimistic debt forecasts, relative to
their economic fundamentals. In contrast, countries aligned with China receive
less favorable risk ratings and more pessimistic debt forecasts. Our findings
highlight the geopolitical influence on international financial institutions and
the tensions between great powers in sovereign financing.
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1 Introduction

A developing country debt crisis is looming. According to the International Monetary Fund
(IMF), 56% of low-income countries and 25% of emerging markets are “in or at high levels
of debt distress’ﬂ Low-income countries (LICs) paid $443.5 billion in debt interest and
principal in 2022; that amount is expected to rise by 40% in 2024, reaching above 95%
of global GDPH Debt crises impose severe costs on domestic societies. As governments
redirect resources toward debt repayment, spending on health, education, and other public
services is curtailed. Economic activity contracts, unemployment rises, and vulnerable
populations disproportionately shoulder the burden of adjustment, thereby exacerbating
existing inequalities.

International financial institutions (IFIs) — mainly the IMF and the Word Bank — play
an important role in the resolution of debt crises. They analyze a country’s macroeconomic
conditions and assess debt sustainability, offer additional funds to borrowers facing liquidity
crises, help creditors coordinate, and catalyze further lendinﬂ Some observers view these
IFIs as largely independent agents, attempting to solve technocratic problems of macroeco-
nomic balance and debt sustainability. Others, however, find that their major shareholders
(the U.S., Western European countries, Japan, and now rising China) significantly influence

their decisions, leading to differences in treatment of debtor countries [

This study investigates the ways in which the IMF and World Bank’s debt sustainability
analysis (DSA) is the result of politics as well as economics. Since its introduction in 2005,
the DSA framework has become a cornerstone of sovereign lending and borrowing; the risk
assessment from the DSA informs the IMF’s lending policies, as well as shapes broader

international efforts for debt restructuring. The DSAs aim to provide technical assistance
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to low- and middle-income countries, helping countries align their need for funds with their
current and prospective ability to service their debt. However, using an original dataset
of over 1,013 DSAs for LICs between 2005 and 2024, we find that geopolitical dynamics
around the U.S. and China exert systemic bias on the contents of DSAs: Countries that are
politically aligned with the U.S. tend to receive more favorable risk ratings, more positive
text, and more optimistic debt forecasts, relative to their economic fundamentals. In con-
trast, countries aligned with China receive less favorable risk ratings and more pessimistic

debt forecasts, relative to their fundamentals.

This study makes three contributions to important literatures. First, it offers both
theoretical and empirical contributions to the sovereign debt literature. By examining
the political influence in the construction of DSAs through a new dataset, the study not
only highlights geopolitical factors but also identifies potential bottlenecks and challenges
that emerge during debt restructuring and resolution. Second, it contributes to the political
economy of international organizations by demonstrating the influence of major powers over
IFIs’ ostensibly technocratic tasks. While geopolitical influence on IFIs’ loan programs is
widely recognized, there has been less attention to potential bias in the regular reports IFIs
publish. Our findings reveal systemic political bias even in these routine reports filled with
technocratic tasks, further demonstrating the geopolitical influence at play. Lastly, while
previous studies have primarily focused on how IFIs extend favorable treatment to countries
aligned with traditional Western powers, our analysis shows that IFIs also systematically
disadvantage countries that are closer to China, highlighting how emerging geopolitical

rivalries shape the behavior of international organizations.

2 DSAs: What are they? How are they produced?

Debt crises often come in waves, driven not only by earlier decisions to borrow, but also by

external factors such as rising global interest rates or falling commodity prices — phenomena



beyond the control of LICEL LICs are often unable to escape the cycle of borrowing, distress,
crisis, restructuring, and borrowing again. To help low- and middle-income countries be
on more sustainable debt cycles, the IMF and the World Bank jointly introduced a DSA
framework in 2005. Country team staff from the IMF and the World Bank jointly conduct
DSA under this framework, which requires approval from the executive boards from both
organizations. The stated aim of the framework is to “to guide the borrowing decisions of
low-income countries in a way that matches their financing needs with their ability to repay

now and in the future”fl

Since its introduction, the DSF has gone through several revisions but follows a common
approach. First, countries are classified as having weak, medium, or strong “debt-carrying
capacity” based on their macroeconomic prospects. Next, IMF and World Bank staff fore-
cast debt levels and economic growth, and assess whether the present value of debt (as
a share of GDP) exceeds pre-set thresholds tied to the country’s debt-carrying capacity.
For example, the benchmark is 55% debt to GDP ratio for “strong” countries and 30% for
“weak” countries. Because future growth is uncertain, staff run tests under both optimistic
and pessimistic scenarios. Based on these exercises, each country is assigned one of four debt
risk ratings: (1) low risk (no thresholds breached), (2) moderate risk (thresholds breached
only under stress scenarios), (3) high risk (thresholds breached even in the baseline), or
(4) in debt distress (arrears or restructuring has occurred or is imminent)[’] Because debt
sustainability forecasts inherently rely on assumptions and are subject to uncertainty, IMF
and World Bank staff retain discretion to adjust the final risk classification, particularly
when threshold breaches are minor or borderlineff] While DSAs are not directly tied to staff
career incentives, this discretionary space nonetheless creates the potential for unconscious

bias or subjective judgment to shape outcomes.

SReinhart et al., 2016 Rey, 2013.
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Debt sustainability analyses (DSAs) serve three main audiences: IMF and World Bank
staff, donors and creditors including multilateral agencies and private investors, and the
authorities of LICs themselves. The IMF and World Bank use DSAs as an “early warning
system” to signal any debt distress risks, and to provide policy advice on preventative
actionsﬂ They are also integral to IMF program evaluation. For example, every Article IV
evaluations require a DSA, and DSAs are central to the debt relief efforts under the Highly
Indebted Poor Countries (HIPC) program. Furthermore, DSAs inform policies at the Fund
and IDA that may limit a country’s debt accumulation. The IDA, for instance, allocates
grants and credits based on DSA results to mitigate the risk of distress. Other multilateral
creditors, such as the African Development Bank, the Asian Development Bank and the
Inter-American Development Bank adopt similar approaches based on DSAs. DSAs also
guide private creditor’s lending behavior. When DSAs flag high risk, sovereign bond spreads
widen, implying that investors adjust pricing or demand higher risk premiam Credit rating
agencies such as Moody’s frequently cite and incorporate DSA ratings as justification for
downgrades or outlook changes. In recent years, the DSA for LICs has become even more
significant due to rising financing needs driven by geopolitical instability and uncertainties,
as well as an increased dependence on non-traditional official creditors and international

private capital markets, exposing countries to new risks.

The central role of DSAs in shaping both public and private lending decisions cre-
ates strong incentives for low-income country (LIC) authorities to influence their outcomes.
Although the IMF and World Bank conduct DSA analyses, they rely heavily on national au-
thorities for macroeconomic statistics, including government revenue and growth. Evidence
suggests that LIC governments sometimes conceal debt in order to secure more favorable
DSA assessmentsﬂ The effectiveness of such efforts, however, may vary: some LICs are

better positioned to obtain favorable DSAs, particularly when they enjoy close ties with
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IFI’s major shareholders.

There is emerging scholarly interest in DSAs, mostly focusing on whether the DSAs are
accurately reflective of the country’s economic fundamentals. Mooney and De Soyres (2017)),
published by the IMF, provides the first assessment of the DSA’s performance. Using DSAs
for LICs from 2005 to 2015, it reports that countries with high incomes, good prospects
for market access and at ‘moderate’ risk of debt distress face systematic higher levels of
optimism, mostly driven by favorable fiscal projections. Gaudin et al. (2024)) focuses on
recent 605 DSAs from 2013 to 2024 to find forecast errors in DSAs. They report that
larger economies get positive bias, mostly due to underestimation of primary deficits. Also,
the study identifies institutional and structural factors influencing biases. For instance,
countries with fragile governance or in conflict get more pessimistic forecasts for primary

deficits and external debt, but overly optimistic growth projections.

In sum, previous studies overall find that DSAs do enjoy significant discretion from
the IMF and WB staff despite their technical nature. Moreover, the bias not only stems
from the country’s economic structure or global economic conditions, but also the country’s
political institutions. We aim to extend the burgeoning literature by bringing in geopolitical

dynamics.

3 (Geopolitics of DSAs

Traditionally, delegation to a multilateral organizations has been thought to keep their staff
insulated from the (geo-)political objectives of the member governmentsE] The influence
of powerful states on lending practices of the various lending institutions is however abun-

dant [] States receive more aid from the World Bank['] with fewer conditions[l] and are
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disbursed fasterm if they are aligned with the U.S.; or when they hold a temporary seat
at, or vote with the U.S. on, the United Nations Security Councﬂm Similarly, Lim and
Vreeland (2013) offer evidence of Japan’s influence over the Asian Development Bank, while
China’s influence on the Asian Infrastructure and Investment Bank is explored in Kaya et

al. (2021)).

Geopolitical rivalry is reflected in sovereign debt landscape. Debt resolution for countries
in distress is slowed when both western and Chinese lenders must agree on restructuring
terms, each often insisting that the other bear the burden of haircuts for fear that any
bailout will be used to finance outstanding obligations to their rival. China’s presence as a
creditor slows negotiations with the IMF over loan packagesB while Paris Club agreements

are less likely when the debtor holds more Chinese-sourced debt@

Pressure by geopolitical principals on the IO agents may not be explicit. Staff de-
sign programs — often implicitly — that are consistent with hegemonic preferences, whether
because they wish to please their principals@ have bureaucratic incentives to maximize
budgets (and not get overturned)ﬂ or they may have simply internalized a similar set of

norms and views 2]

The DSF combines an algorithmic process for establishing a rating for risk distress with
the scope for staff judgment when country-specific circumstances warrant adjustment. Lang
and Presbitero (2018)) finds evidence of bureaucratic biases in this ratings, aligned with the
geopolitical interests of the institutions’ major shareholders. This dynamic reflects what
Stone (2011)) terms “informal governance.” While the DSA process operates through formal

channels, informal pressures permit the staff to, on occasion, shade their findings in the
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interest of major players. Such influence, however, can only be exerted selectively — overuse

will undermine the legitimacy of the 10, gained largely from its multilateral character@

We build on Lang and Presbitero (2018)) which analyzed 377 DSAs between 2006 and
2015, and employed the statistical models used at the time to recompute the technical risk
rating and compared this with the actual rating reported; they find that countries aligned
with major shareholders receive better ratings relative to the mechanical model predictions,
especially in election years. We extend this analysis to the full set of over 1,000 DSAs
between 2005 and 2024, and we additionally explore the effect of geopolitical alignment on
the sentiment expressed in the text of the DSAs, as well as the effect on the predictions
made in the DSAs on GDP and the debt to GDP ratios. Like Gaudin et al. (2024) we
find frequent over-optimism in the forecasts; here we show that the degree of optimism is

correlated with a country’s geopolitical alignment.

Hypothesis 1: Countries politically aligned with the U.S. receive more favorable DSAs

(relative to fundamentals).

Hypothesis 2: Countries politically aligned with China receive less favorable DSAs (rel-

ative to fundamentals).

4 Empirical Strategy

To investigate the effect of major power’s influence on DSA contents, we construct an
original dataset of 1,013 DSAs for 78 LICs between 2005 and 2024@ We have scraped all the
DSAs publicly available on the IMF website using a combination of ChatGPT and manual
quality assurance. We focus exclusively on DSAs for LICs to ensure comparability across
cases and to concentrate on instances where DSAs are particularly critical to borrowing and

lending decisions.

24Lang and Presbitero, [2018; Malis et al., 2023} Stone, [2011.
25The data construction is still on-going. As of this writing, approximately 100 DSAs remain to
be coded (2014-2021).



The sample is unbalanced panel: Most countries get one DSA per one year, but some get
multiple DSAs in one year, especially when they are under an IMF program which has to go
through program reviews including DSAs every three months. Conversely, some countries
may drop out of the sample in certain years due to disruptions in IMF engagement or when
they graduate out of the LICs category. For instance, Lebanon did not have DSA in 2024
because the war in Israel and Gaza delayed the IMF engagement. To our knowledge, this

is the most comprehensive dataset of DSAs assembled to date.

4.1 Dependent Variables: Ratings, Sentiment, and Forecasts

We measure bias in DSA contents in three ways: (1) risk rating, (2) text sentiment, and
(3) forecast errors. First, we focus on the overall risk rating reported in the DSA, arguably
the most important and visible outcome from DSA. Every DSA presents a debt risk rating
prominently on the first page of the report. The DSA categorizes countries into four levels
of debt distress, to which we assign numerical values for analysis: ‘in distress’ (4), ‘high
risk’ (3), ‘moderate risk’ (2), and ‘low risk’ (1). Figure [I| shows the distribution of each

rating across DSAs over time.

To complement the categorical measure of rating, we introduce a second measure of bias
based on the text sentiment of DSA reports. IMF and World Bank staff typically write tens
of pages interpreting the technical outputs from statistical models, incorporating their own
judgment and discretion. We analyze the overall sentiment of the text to capture potential

biases that may not be fully reflected in the formal risk rating alone.

We measure the textual tone using FinBERT model, an adaption of the Bidirectional
Encoder Representations from Transformers (BERT) architecture, specifically trained on
financial tex@ FinBERT is pre-trained using large amounts of financial texts, including

earning conference call transcripts, analyst reports, and corporate statistics. Like other

26Yang et al., 2020.
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BERT models, it processes entire sentences simultaneously, rather than either left-to-right
or right-to-left, allowing it to understand each word in relation to its surroundings. For
example, instead of invariably taking ‘debt’ as a negative word, BERT models analyze
surrounding words, such as ’decreasing levels’, and generate a sentiment measure of the
text as a whole. FInBERT can analyze upto 512-token (approximately 400 words) at once,
an inherent limit to every BERT model. We employ FinBERT to measure an executive
summary in each DSA report, most of which contain less than 512-token. Using FinBERT,
we classify each DSA summary into one of three sentiment categories: positive, neutral,
or negativem In our dataset, 264 summaries (26%) are coded as positive, 401 summaries
(39%) as neutral, and 348 summaries (34%) as negative. Figure [2| shows the overall text
sentiment in DSA summaries over years. As expected, DSA texts tend to be more neutral
and negative during global crises, including the 2007-08 Global Financial Crisis, and the

2020 Pandemic crisis.

Lastly, we operationalize bias in DSAs by calculating forecast errors. The categorical

27See examples of FInBERT coding in Appendix.
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Figure 2: Text sentiment in DSAs, 78 countries, 2005-2024

debt risk evaluation is drawn from predictions of countries’ fiscal sustainability based on
their past performance. We scrape tables in DSAs which include detailed information on
the predictions of each parameter and examine where the bias may arise by comparing
the predicted values and realized values. Because each DSA predicts fiscal performance in
future years, the unit of analysis is DSA-year. Calculation of forecast errors, however, is
not as straightforward because economic indicators in LICs are prone to revisions when
updated statistics become available or definitions/coverage changes@ This suggests that
the difference between predicted values and realized values can be driven by both bias and
the fact that they used different methods or data. Given that it is impossible to identify
whether and when such revisions were made, we adopt two additional methods to tease

out forecast bias following approaches by Mooney and De Soyres (2017). The following

28Mooney and De Soyres, [2017
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equations show how three methods calculate forecast errors (FE) for an indicator X:

FE =X, — X|

FEp =(X, — Xp) — (X{ — X})
X, —Xp X -X)

FEq =
“T T Xp X7

where X; denotes predicted value for year ¢ published in the DSA and X; denotes the
realized value for year t. D denotes the vantage point which is the publication year of
DSA. Xp denotes the realized value for year D published in the DSA. X/, denotes the
realized value for year D published in the same year as X;. X; and Xp are sourced from
the DSAs while X/ and X/, are sourced from World Economic Outlook (WEO) or World
Development Indicators (WDI). Method B is well-positioned to account for static revisions
such as corrections of economic statistics of certain years, while Method C accounts for
dynamic revisions such as coverage or calculation methods that could affect the following
years. Both Method B and C address the revision concerns under the assumption that data
published in the same source and year incorporates the same revisions. We show empirical

results using all three methods for transparency.

4.2 Explanatory Variables: Geopolitical Alignment

Following the literature, we adopt two primary measures for a country’s political alignment
with great powers. First, we use United Nations General Assembly (UNGA) voting records
to assess the similarity between a country’s voting behavior and that of the United States
(or China)F_g] Second, we measure the (logged) amount of foreign aid a country receives
from the US, assuming that countries systematically important to the US tends to receive
more foreign aid from the US. The data for US foreign aid comes from the OECD’s Creditor

Reporting System (CRS). Similarly, to measure a country’s importance to China, we use

29Bailey et al., 2017.
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the (logged) amount of total aid projects from China in the country in a given year. The
data for Chinese aid projects is from GODAD projectF_U] All the explanatory variables are

lagged by one year to account for reverse causality.

4.3 Control Variables

We control for different factors that might confound the relationship between our key ex-
planatory variables and outcome measures. First, we control for a country’s macroeconomic
conditions that are important for debt sustainability analysis and that could potentially af-
fect a country’s relations with great powers. We include lagged measures of current account
balance, external debt (% GDP), FDI inflows (% GDP), GDP growth rates, and total re-
serve (% external debt). These are the variables that go into the statistical models the
IMF and the World Bank use to generate DSAs. Additionally, we control for a country’s
eligibility for the HIPC (Enhanced Heavily Indebted Poor Countries) initiatives as HIPC
countries, by definition, have unsustainable levels of debt and may receive special attention
from the WB and the IMF for their DSAs. We add a binary variable that takes 1 if a

country is under HIPC program in a given year and 0 otherwise.

Second, we control for institutional-level reforms conducted on DSAs. The IMF and WB
occasionally updated the DSA framework for better performance. By 2012, country author-
ities, donors, and staff within the IMF and World Bank had raised concerns about overly
mechanical application of thresholds and limited flexibility in judgments about country-
specific risks. Thus, the IMF and WB executed an overall reform for DSA framework in
2013 for more nuanced and flexibility. We control for the institutional changes by including
a binary measure of reforms which take 1 for DSAs post-2013 and 0 otherwise. Similarly, in
2017, the IMF and WB responded to the evolving financing patterns for LICs — including
increased reliance on non-concessional borrowing, market financing, and new creditors like

China — by having a major overhaul of the DSA framework. The 2017 reform introduced a

30Bomprezzi et al., 2024,
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country-specific, risk-based approach, allowing for more flexibility and nuance. We include
another binary measure of reform which takes 1 for DSAs conducted in post-2017 period

and 0 otherwise.

Lastly, we control for different regions, as previous studies identify systematic bias
across regions. For example, Gaudin et al. (2024) finds that small islands suffer from a
more pessimistic outlook compared to larger countries, while countries in the Sub-Saharan
Africa region tend to be assessed with more optimism. We include regional fixed effects to

capture such regional-level heterogeneity.

5 Results

Overall, our results provide robust evidence of geopolitical influence on DSAs. As we use

three different outcome measures, we present the results for each in turn.

5.1 Risk rating analysis

Table [I] presents the results from ordinal logit regressions on DSA risk ratings. The unit of
analysis is DSA-level. Recall that a higher rating indicates a less favorable assessment (i.e.,

N

4 corresponds to “In Distress,” while 1 corresponds to “Low Risk”). As expected, countries
that are ideologically more distant from the U.S. receive higher (less favorable) risk ratings.
Conversely, countries receiving greater amounts of U.S. foreign aid are associated with lower
(more favorable) risk ratings. The pattern is reversed with respect to China: countries
ideologically distant from China receive more favorable DSA ratings, while those receiving
larger Chinese foreign aid receive less favorable risk assessments. The findings on Chinese
aid are particularly interesting as they show that not all foreign assistance is treated equally

in IMF/WB debt sustainability evaluations. Contrary to the common idea that larger aid

flows improve debt outlook, greater Chinese aid is seen as a risk. These results suggest
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that the Bank and the Fund respond not only to a country’s alignment with their major
shareholder, the U.S., but also to its positioning in the broader geopolitical rivalry involving

China.

All the controls show expected results: countries with positive current account balance,
more FDI inflows, and higher GDP growth rates, and larger foreign reserve tend to get
more favorable ratings, while countries with larger external debt get less favorable ratings.
The 2017 reform appears to be critical as post-2017 DSAs are much more likely to include

unfavorable risk ratings.

The results remain robust across a few robustness checks. First, we note that some
countries may have multiple DSAs in a given year due to their participation in the IMF,
which generates clustering. In such cases, the content of the DSAs produced within a year
is largely repetitive. To avoid unnecessary clustering, we collapse multiple DSAs within
the same year into a single observation by taking their average. In addition, we take into
account a country’s engagement with the World Bank and IMF programs. The Bank and
the Fund might have institutional incentives to provide systematically different DSAs when
a country is participating in their programs, while at the same time, taking part in these
programs could reflect the country’s relations with the U.S. and China. We include a
(logged) amount of total World Bank commitments in a country in a given year as well as a
binary measure of IMF participation. The results indicate that increased amount of World
Bank financing is associated with better DSA ratings, while IMF program participation is
linked with worse DSA ratings. All of the results regarding geopolitical relations remain
substantively the same with countries politically closer to the U.S. and recipients of U.S.
foreign aid get better DSA ratings, while increased Chinese financing is associated with

worse ratings (See Table [11|in Appendix.).
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Table 1: Geopolitical bias and risk ratings in DSAs

DV: Distress risk

(1 low, 2 moderate, 3 high, 4 in distress) (1) 2) (3) (4)
1. Current account balance -0.0326%F*F  -0.0224*** -0.0315***  -0.0344**
(0.00822)  (0.00827)  (0.00787)  (0.0152)
1. External debt (%GDP) 0.00997***  0.0104***  0.0105***  0.0130***
(0.00295)  (0.00204)  (0.00287)  (0.00368)
1. FDI inflow (%GDP) -0.0425%#F*F  _0.0505%**  -0.0444***  -0.0647*F*F*
(0.0106)  (0.0113)  (0.0107)  (0.0223)
1. GDP growth rate -0.0370** -0.0252%* -0.0354**  -0.0961***
(0.0155)  (0.0130)  (0.0154)  (0.0355)
1. Total reserve (% Debt) -0.00264 -0.00247  -0.00297*  -0.0120%**
(0.00171)  (0.00208)  (0.00171)  (0.00347)
HIPC program 1.279%** 1.404%%* 1.290%** 1.077*
(0.463) (0.529)  (0.465)  (0.585)
2017 Reform 1.158%** 1.109%** 1.070%** 1.041%**
(0.193)  (0.188)  (0.190)  (0.335)
2013 Reform -0.0447 -0.0608 -0.0316 -0.350
(0.194) (0.194)  (0.194)  (0.250)
1. Policy distance from U.S. 0.603**
(0.246)
1. (log) U.S. foreign aid -0.235%**
(0.0377)
1. Policy distance from China -0.705%*
(0.288)
1. (log) Chinese aid (%GDP) 0.0501°**
(0.0208)
N 680 653 680 365

Region fixed effects included. Robust standard errors in parentheses.* p <.1, ** p <.05, *** p<.01
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5.2 Text sentiment analysis

Using sentiment scores generated by FinBERT, we code DSA summaries classified as positive
as 1, neutral as 0.5, and negative as 0, and estimate fractional logit models with regional
fixed effects@ The unit of analysis is the DSA-level. Table [2| presents the results from
our regressions. Our results from text analysis are consistent with the earlier results on
rating analysis: Countries that are politically less aligned with the U.S. are less likely to
get positive DSA summaries, whereas countries that receive U.S. foreign aid are more likely
to get positive ones. Unlike our ratings analysis, a country’s relations with China are not

linked with their DSA text sentiments.

As a robustness check, we employ an alternative measure of bias in text sentiment. In
some cases, DSAs contain relatively negative language despite concluding with a favorable
risk rating, while others contain relatively positive language despite unfavorable ratings. To
capture this discrepancy, we construct two binary variables: (1) Unfavorable bias, coded as
1 if a DSA concludes “Low Risk” but the overall sentiment of the first two pages is classified
as negative by ChatGPT, and 0 otherwise; and (2) Favorable bias, coded as 1 if a DSA
concludes “Moderate Risk,” “High Risk,” or “In Distress” but the sentiment of the first
two pages is classified as positive by ChatGPT, and 0 otherwise. There are 19 DSAs with
“unfavorable bias”, and 78 DSAs with ”favorable bias” (See Table[12[in Appendix). Again,
we find that DSA text sentiment systematically varies with U.S. foreign aid: countries
receiving more U.S. aid are more likely to exhibit favorable bias and less likely to show
unfavorable bias in DSA texts. We also find that countries ideologically distant from China
are less likely to experience unfavorable bias. Overall, our results confirm that DSA texts

are under the influence of geopolitical dynamics around the U.S. and China.

310rdered logit models yield substantively similar results.
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Table 2: Geopolitical bias and text sentiments in DSAs

DV: Text sentiment

(1 positive, 0.5 neutral, 0 negative) (1) (2) (3) (4)
1. Current account balance -0.00444  -0.00836  -0.00525  -0.00559
(0.00571)  (0.00623) (0.00571)  (0.0120)
1. External debt (%GDP) -0.000898 -0.00101  -0.00123 -0.000161
(0.00123)  (0.00126) (0.00124) (0.00145)
. FDI inflow (%GDP) 0.00843 0.00842 0.00910 0.00453
(0.00750)  (0.00779)  (0.00759)  (0.00993)
1. GDP growth rate -0.00650 -0.0152 -0.00750 -0.0232
(0.0126)  (0.0120)  (0.0124)  (0.0188)
1. Total reserve (%Debt) -0.000810 -0.000740 -0.000614  0.00172
(0.00113)  (0.00118) (0.00113)  (0.00264)
HIPC program -0.0105 -0.0675 -0.0151 -0.0958
(0.234) (0.234) (0.233) (0.270)
2017 Reform 0.0407 0.0425 0.0848 0.258
(0.163)  (0.166)  (0.162)  (0.361)
2013 Reform -0.231 -0.318* -0.235 -0.377*
(0.162)  (0.165)  (0.161)  (0.195)
1. Policy distance from U.S. -0.342%*
(0.147)
1. (log) U.S. foreign aid 0.0453*
(0.0269)
1. Policy distance from China 0.203
(0.187)
1. (log) Chinese aid (%GDP) -0.00332
(0.0134)
N 699 670 699 379

Region fixed effects included. Standard errors in parentheses.® p <.1, ** p <.05, *** p<.01
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5.3 Forecast errors analysis

Because each DSA predicts fiscal performance in future years, the unit of analysis is DSA-
year. We start the analysis on forecast errors with the most fundamental assumption in
DSAs — GDP growth rate. The dependent variable is the difference between the predicted
values and the realized values calculated using different methods. Method A takes sim-
ple difference without adjusting for revisions. Methods B and C account for revisions of
economic statistics in different ways - Method B adjusts for static revisions, while Method
C accounts for dynamic revisions. When GDP growth is the outcome of interest, a higher
value suggests optimism while a lower value implies pessimism. Recall that we expect align-
ment with the U.S. introduces optimistic predictions and alignment with China may have
the opposite effect. Table [3| shows preliminary results on the relationship between GDP
growth forecast errors and political alignment with the U.S. The coefficients on U.S. foreign
aid are consistently positive but not significant, which provides suggestive evidence for our
hypothesis of optimism in GDP growth rate among countries receive more foreign aid from
the U.S. But the relationship does not hold when we measure alignment using ideological
distance with the U.S. Similarly, Table [4] show mixed evidence of relationship between GDP
growth rate and political distance with China. In general, there is no consistent evidence
that political alignment with either country is associated with optimism in GDP growth

rate predictions.

We turn to the errors in external debt and GDP ratio, another important fiscal indica-
tor in the DSAs. When using external debt (% GDP) as the outcome of interest, a higher
value suggests pessimism while a lower value implies optimism. Tables 5] and [6] show coeffi-
cient estimates on the relationship between alignment and forecast errors in external debt
(%GDP). Columns (3)—(6) suggest that after accounting for debt to GDP ratio revisions,
DSAs still show more optimism when countries receive more foreign aid from the U.S. or
when they are politically close with the U.S. The results further suggest that DSAs are more

pessimistic in their forecasts for debt (%GDP) for countries with greater Chinese financing
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Table 3: GDP Growth Rate Prediction Error and Alignment with US

GDP Growth Rate Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) US Foreign Aid 0.201 0.107 0.373
(0.180) (0.205) (0.289)
Policy Distance w/ US 0.550 0.406 1.071
(0.545) (0.698) (0.955)

Prediction Length (# of years) 0.204*** 0.200** 0.216* 0.214** 0.015  0.021
(0.052) (0.051) (0.053) (0.052) (0.024) (0.024)

IMF Program 0.057 0.068 —0.181 —0.154 —1.199 —1.148
(0.235) (0.234) (0.299) (0.304) (0.772) (0.774)

HIPC 0928 0912 0900 0922 0015 —0.025
(1.260) (1.293) (1.362) (1.402) (0.708) (0.788)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,712 4,850 4,693 4,825 4,693 4,825
R? 0.101  0.100  0.088  0.088 0.084 0.084
Adjusted R? 0.083  0.083 0.070  0.070 0.065  0.066

Note: All specifications control for participation in IMF program and HIPC partici-
pation. Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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Table 4: GDP Growth Rate Prediction Error and Alignment with China

GDP Growth Rate Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) Chinese Debt 0.008 0.074** —0.030
(0.015) (0.026) (0.035)
Policy Distance w/ China 0.349 0.011 0.127
(0.395) (0.664) (1.084)
Prediction Length (# of years) 0.194** 0.201*** 0.204** 0.211** 0.024  0.023
(0.051) (0.051) (0.052) (0.052) (0.025) (0.024)
IMF Program 0.041  0.094 —0.146 —1.127 —1.119
(0.233) (0.236) (0.290) (0.774) (0.757)
HIPC 0.995 0.966  1.097 —0.003 0.077
(1.279) (1.274) (1.391) (0.770) (0.727)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4754 4850 4,735 5,320 4,735 4,825
R? 0.101  0.100  0.093  0.090 0.082  0.083
Adjusted R? 0.084  0.083 0.075 0.073 0.065 0.065

Note: All specifications control for participation in IMF program and HIPC partici-
pation. Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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or close to China.

Table 5: External Debt GDP Ratio Prediction Error and Alignment with US

External Debt Percentage of GDP

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) US Foreign Aid 1.159 —0.520 —0.022
(2.115) (1.239) (0.032)
Policy Distance w US 12.525% 5.747 0.054
(6.985) (3.946) (0.085)
Prediction Length (# of years) —2.656™* —2.663** —2.588"** —2.573** —0.067** —0.066™**
(0.524) (0.512) (0.529) (0.520) (0.010) (0.010)
IMF Program —1432 —-1.357 —0.440 —0.368 0.104** 0.103***
(4.721) (4.567) (2.798) (2.729) (0.038) (0.038)
HIPC 22.629** 21.792*** —9.821 —10.340 0.244**  0.238***
(7.699) (7.872) (9.797) (9.801) (0.073) (0.072)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,459 4,544 4,418 4,503 4,418 4,503
R? 0.549 0.553 0.379 0.380 0.395 0.395
Adjusted R? 0.540 0.544 0.367 0.368 0.383 0.383

Note: All specifications control for participation in IMF program and HIPC partici-
pation. Standard errors are clustered at country level. *p<0.1; **p<0.05; *p<0.01

5.4 Difference-in-differences approach

We theorize that political alignment leads to bias in the process of debt risk evaluations in

DSAs. One may argue that the relationship we find is driven by omitted variable bias. For

example, less transparent countries may see more pessimism in their debt risk evaluations

while also prefer to borrow from less transparent creditors such as ChinaFE] Furthermore,

countries that receive negative evaluations may have trouble securing support from the

U.S. and have no choice but to resort to China for help, suggesting the possibility of reserve

32Mosley and Rosendorff, 2023!
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Table 6: External Debt GDP Ratio Prediction Error and Alignment with China

External Debt Percentage of GDP

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) Chinese Debt 0.091 0.063 0.002
(0.111) (0.136) (0.003)
Policy Distance w/ China —12.160*** —11.329* —0.094
(4.514) (4.799) (0.086)
Prediction Length (# of years) —2.650™* —2.642** —2.570"* —2.563** —0.066"* —0.066***
(0.514) (0.512) (0.519) (0.518) (0.010) (0.010)
IMF Program —1.883 —1.580 —0.890 —0.690  0.092**  0.100***
(4.523) (4.521) (2.752) (2.778) (0.036) (0.037)
HIPC 23.388*** 22911  —9.491 —9.880  0.249**  0.242**
(7.989) (7.937) (9.609) (9.688) (0.073) (0.073)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4513 4,544 4,472 4,503 4,472 4,503
R? 0.553 0.553 0.382 0.384 0.399 0.396
Adjusted R2 0.544 0.544 0.370 0.371 0.387 0.384

Note: All specifications control for participation in IMF program and HIPC partici-
pation. Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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causality.

We leverage a quota reform at the IMF in 2010 to demonstrate that the bias is driven
by the voting power of US and China at the IMFE rather than the omitted variable bias or
self-selection. In 2010, the Board of Governors of the IMF approved a proposal to update
members’ voting power. The biggest winner in this reform is China who gained an additional
2.3 percentage points in its voting power while the U.S. lost 0.24 percentage points of its
vote Shardﬂ If the bias in DSAs is driven by omitted variables or country self-selection, the
relationship should be consistent regardless of the reform at the IMF. However, if the bias
in DSAs comes from political alignment with major IMF shareholders, we should expect
the bias to attenuate when China receives more voting power and the U.S. loses some of its

voting power.

The difference-in-differences analysis largely supports the claim that a substantial amount
of biases in DSAs comes from countries’ political alignment with major shareholders. As
shown in Table [7] most of the biases in DSA risk ratings disappear following the 2010 gov-
ernance reform: a country’s policy distance from either the U.S. or China, as well as the
receipt of financial assistance from these countries, is systematically associated with DSA

ratings only prior to 2010.

Table [8 further confirms that biases in DSA text sentiment vary before and after the
2010 reform. Prior to the reform, countries closely aligned with the U.S. tended to receive
more positive texts; after 2010, they are associated with more negative texts. The pattern is
reversed for countries aligned with China: before 2010, they tended to receive more negative
texts, whereas after the reform, they receive more positive texts. These results provide
suggestive evidence that systematic biases in DSAs are largely driven by the geopolitical

influence of major shareholders.

We observe similar patterns of changes in bias in our forecast analyses. The coeflicients

33Noh, [2025!
34See IMF reform document and press release for details
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Table 7: Geopolitical influence on DSA ratings and IMF Quota Reform

DV: Distress risk

(1 low, 2 moderate, 3 high, 4 in distress) (1) 2) (3) (4)
Post 2010 1.638 -0.158 -0.164 -0.546
(1.801)  (0.307)  (0.303)  (0.920)
1. Policy distance from U.S. 1.003*
(0.522)
1. Policy distance from U.S. X. Post 2010  -0.511
(0.571)
1. (log) U.S. foreign aid -0.272%*%
(0.0632)
1. (log) U.S. foreign aid X Post 2010 0.0472
(0.0698)
1. Policy distance from China -0.845%*
(0.510)
1. Policy distance from China X Post 2010 0.175
(0.584)
1. (log) Chinese aid (%GDP) 0.0515%*
(0.0250)
1. (log) Chinese aid (%GDP) X Post 2010 0.00783
(0.0474)
N 680 653 680 365

All controls and region fixed effects included. Robust standard errors in parentheses.® p <.1, ** p
<.05, ¥** p<.01
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Table 8: Geopolitical influence on DSA text sentiments and IMF Quota Reform

DV: Text sentiment
(1 positive, 0.5 neutral, 0 negative) (1) (2) (3) (4)

1. Post 2010 25140 0.0283  0.248  -0.120
(0.863)  (0.283)  (0.259)  (0.598)

1. Policy distance from U.S. -0.913%**
(0.227)
1. Policy distance from U.S. X. Post 2010  0.766***
(0.269)
1. (log) U.S. foreign aid 0.0751
(0.0496)
1. (log) U.S. foreign aid X Post 2010 -0.0387
(0.0566)
1. Policy distance from China 0.663**
(0.284)
1. Policy distance from China X Post 2010 -0.672%*
(0.346)
l. (log) Chinese aid (%GDP) 0.000848
(0.0160)
l. (log) Chinese aid (%GDP) X Post 2010 -0.00324
(0.0323)
N 699 670 699 379

All controls and region fixed effects included. Robust standard errors in parentheses.® p <.1, ** p
<.05, ¥** p<.01
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reported in Table [J] illustrate how bias in GDP growth forecasts varies before and after
the 2010 reform. Columns (1), (3) and (5) show limited evidence of bias when countries
are politically distant from the U.S. before 2010 but some evidence of increasing optimism
among countries distant from the U.S. after 2010. Columns (2), (4) and (6) present stronger
evidence that geopolitical relations play a role in growth forecasts: countries politically
distant from China receive a more optimistic growth prediction before the quota reform
when China had less voting power at the IMF, but this bias diminishes following the reform

when China gained greater formal power within the institution.

Recall that the bias is more salient in the forecast error of external debt to GDP ratio.
Table shows how bias in debt to GDP ratio changes after the quota reform in 2010.
Coefficients in columns (1), (3) and (5) suggest that countries politically distant from the
U.S. receive more pessimistic debt(% GDP) forecasts before 2010 but the pessimism shrinks
after the reform in 2010. In other words, a country’s relations with the U.S. become becomes
a less influential factor for DSA debt forecasts after the U.S. lost some of its formal voting
power through the 2010 governance reform. Similarly, columns (2), (4) and (6) show that
countries distant from China receive more optimistic debt forecast before 2010, but the bias
attenuates after the reform. These results suggest that major stakeholders at the IMF play

a role in the biases in DSAs.

6 Discussion: Potential mechanism

We have documented systematic associations between geopolitical alignment and DSA as-
sessments. How can we explain these patterns? In this section, we propose three potential
mechanisms and test empirical implications for each of them. While our results do not pro-
vide causal evidence, the results are generally aligned with the mechanism that IMF/WB

staff are internalizing broad interests of major shareholders and reflect them in DSAs.

The first plausible mechanism is that IO bureaucrats internalize major shareholders’
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Table 9: GDP Growth Prediction Error and IMF Quota Reform

GDP Growth Rate Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
Distance w/ US —0.074 —1.231 0.662
(0.773) (0.951) (1.025)
Distance w/ US X Post2010 0.835 2.199 0.550
(0.589) (0.711) (0.913)
Distance w China 1.307** 0.819 0.425
(0.578) (0.891) (1.117)
Distance w China X Post2010 —1.227* —1.480* —0.382
(0.538) (0.773) (0.858)
Prediction length (# of years) 0.200*** 0.201*** 0.214*** 0.215*** 0.021  0.023
(0.051) (0.051) (0.052) (0.052) (0.024) (0.024)
IMF Program 0.047 0.069 —0.211 -0.192 -1.162 -—1.127
(0.227) (0.231) (0.292) (0.307) (0.785) (0.756)
HIPC 0.908 1.016 0.913 1.020 —0.027 0.092
(1.293) (1.268) (1.403) (1.369) (0.789) (0.718)

Country fixed effects
Year fixed effects
Observations

R2

Adjusted R?

Yes Yes Yes Yes Yes Yes

Yes Yes Yes Yes Yes Yes
4,850 4,850 4,825 4,825 4,825 4,825
0.101 0.101 0.091 0.089  0.085  0.083
0.083 0.083 0.073 0.071  0.066  0.065

Note: All specifications control for participation in IMF program and HIPC partici-
pation. Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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Table 10: External Debt Prediction Error and IMF Quota Reform

External Debt Percentage of GDP Error

Method A Method B Method C
1) (2) (3) (4) (5) (6)
Distance w/ US 16.913** 13.839* 0.157*
(7.843) (7.250) (0.093)
Distance w/ US X Post2010 —6.124 —11.289 —0.143*
(9.005) (7.994) (0.072)
Distance w/ China —26.592** —19.322* —0.208*
(10.195) (10.638) (0.110)
Distance w/ China X Post2010 19.005* 10.527 0.151
(9.800) (8.851) (0.098)

Prediction Length (# of years) —2.661"* —2641%* —2571* —2.562"* —0.066** —0.066"*
(0.512)  (0.511)  (0.521)  (0.517)  (0.010)  (0.010)

IMF Program ~1203 1235 —0.085 —0.495 0.106™* 0.103"
(4.532)  (4.346)  (2.623)  (2.648)  (0.038)  (0.037)

HIPC 21.807"* 22.004"* —10.320 —10.342 0.238"*  0.235"*
(7.865)  (7.720)  (9.618)  (9.783)  (0.071)  (0.071)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,544 4,544 4,503 4,503 4,503 4,503
R? 0.553 0.557 0.383 0.385 0.397 0.397
Adjusted R? 0.544 0.548 0.371 0.373 0.385 0.385

Note: All specifications control for participation in IMF program and HIPC partici-
pation. Standard errors are clustered at country level. *p<0.1; **p<0.05; **p<0.01
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preferences and produce work that “pleases the principals.”lﬁ Whether consciously seeking
principal approval or unconsciously reproducing hegemonic norms through their educa-
tional and professional socialization, staff may generate systematic patterns of geopolitical

alignment in DSAs, even without direct pressure from hegemonic powers.

A second explanation is that IMF and Worl Bank staff may simply recognize the “market
reality”. In this approach, there is no bureaucratic consideration of principal’s preferences;
instead, they incorporate the understanding that allies of the U.S. are more likely to receive
financial bailouts from the U.S., and thus less likely to face default | A rational and unbiased
prediction would then provide more favorable DSAs to U.S. allies, relative to their economic

fundamentals.

A third mechanism is direct political intervention by the U.S. When a case involves
high-stakes U.S. interests, the U.S. government may actively signal its preferences or exert
pressure on IMF and World Bank staffm In this scenario, geopolitical patterns in DSAs

emerge from explicit political influence.

To empirically assess these potential mechanisms, we conduct several tests. First, we
test the “pleasing the principal” mechanism by leveraging the Executive Board membership
at the World Bank. With 5 permanent directors from advanced economies®| 20 directors
from middle- and low-income countries serve two-year terms. The board directors are in
charge of the Bank’s routine operations and handles key day-to-day decisions, including
project approvalsﬂ Directors are typically elected to represent a bloc of countries, and
additional election rules by the Board of Governors ensure geographic diversity. Although
few written accounts describe how board positions operate internally, conversations with

former directors indicate that each seat functions differently, including in how directors are

35M. Barnett and Finnemore, [1999, [2012; Chwieroth, |2009; Clark and Dolan, [2021b.

36McDowell, [2017; Perez, 2025, Schneider and Tobin, [2020.

37Copelovitch, 2010; Dreher et al., [2009b; Stone, |2011f

38The five permanent Executive Director positions are held by the Bank’s largest shareholders:
the U.S., Japan, China, the U.K., and Germany.

39Kaja and Werker, 2010.
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selected and whether rotation occursm We therefore treat changes in board directorship as
a quasi-random shock that alters a country’s “importance” within the Bank. If staff tailors
DSAs to “please the principal”, countries holding board seats should receive more favorable

DSAs.

Our analysis reveals weak but suggestive evidence consistent with this mechanism. Co-
efficients for board membership generally point in the expected direction for both DSA
ratings and text sentiment, though they do not reach statistical significance. With regard
to prediction errors, we found suggestive evidence that positive bias in debt estimate to-
wards US allies are enhanced when countries are members of the World Bank Board F] The
modest effect is unsurprising given that DSAs are jointly produced by the World Bank and

IMF, limiting the influence of Bank board dynamics.

Next, we evaluate the plausibility of “market reality” by leveraging the timing of U.S.
presidential elections. According to Schneider and Tobin (2020)), the U.S. government is
much less likely to bailout a foreign country when it faces an election in the year because
bilateral bailouts are deeply unpopular. While U.S. preferences for favorable treatment of
allies should remain stable, expectations of bailouts may shift in election years. Thus, if
market expectations drive DSAs, the bias favoring U.S. allies should weaken during U.S.
election years. In contrast, if staff are “pleasing the principal,” election timing should
have no effect. We find that U.S. elections do not affect DSA ratings, text sentiment, or
forecast errors, and the interaction between election timing and political alignment is also
insignificant. We interpret these consistent null findings as evidence against the “market

reality” mechanism@

Finally, we test the “direct U.S. pressure” mechanism. A well-established literature

shows that the U.S. trades benefits such as generous IMF loans and WB projects with

40Cited in Kaja and Werker (2010)). See Section “Decisionmaking at the World Bank” in Kaja
and Werker (2010]) for detailed discussion.

41See Appendix for details.

42Gee Appendix
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temporary members of the United Nations Security Council (UNSC)@ If the U.S. pressures
institutions on DSAs, we would expect to see countries with representation at the UNSC
use their leverage to receive favorable DSAs. However, we find no evidence that UNSC

membership affects DSA ratings, text sentiments, or forecast errorg™]

Taken together, these results point toward a bottom-up explanation: IMF and WB staff
internalize the preferences of major shareholders and incorporate them in DSA assessments.
These findings suggest that staff views — shaped not by the characteristics of a borrowing
country but by their own professional socialization — may influence not only major decisions

such as loan approvals but more routine, lower-stake tasks such as DSAs.

7 Conclusion

We have collected the most comprehensive dataset of the LIC-DSAs, and coded the risk
ratings, text sentiment and the forecast errors. Our analysis demonstrates that geopolitical
concerns of the U.S. are correlated with these measures. A state’s DSA provides the Bank
and Fund’s assessment of its ability to manage its debt burden; the staff appear to shade
their findings in favor of geopolitical allies of the hegemonic power, and against those more

closely allied with China — the U.S.’s major geopolitical rival.

The international financial institutions preserve their legitimacy by offering its evalu-
ations and its advice in an impartial technocratic manner. Yet hegemonic influence often
appears when geopolitical interests are salient. The staff within these organizations are
not immune from these concerns, and their advice often reflects these geopolitical realities.
By demonstrating that geopolitical bias plays a role even in technical tasks, this paper

highlights the power of major shareholders in shaping IFI behavior.

43Dreher et al., 2009a), 2009bl.

44Gee Appendix
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Appendix A FinBERT coding of DSA text senti-
ments

FinBERT is a language model specifically trained for financial textsF‘E] Unlike many other
language models that analyze sentences in isolation, FinBERT accounts for the surrounding
textual context when assessing sentiment. To illustrate, Ethiopia’s 2010 and 2016 DSAs are

classified by FinBERT as positive and negative, respectively.

Ethipoia 2010: Based on the joint World Bank-IMF debt sustainability frame-
work for low-income countries, Ethiopia’s debt distress rating has fallen to low
risk. The introduction of gross workers’ remittances as a source of enhanced
repayment capacity and the resilience of the Ethiopian economy to the global
economic crisis have contributed to this improvement. Notwithstanding this
development, the debt ratio continues to rise and liquidity risks are prevalent,
underscoring the need to closely monitor borrowing of the largest public en-
terprises, develop an integrated debt strategy for the entire public sector, and
invigorate structural reforms to attract foreign direct investment (FDI) and

stimulate growth of exports.

Ethiopia 2016: Ethiopia’s risk of external debt distress remains moderate, al-
though external vulnerabilities have increased. Exports underperformed rela-
tive to projections, owing to a weak external environment; and the supply shock
from the drought required scaled-up food imports. Despite strong remittances
and curtailed public sector imports of investment goods, the current account
deficit remains high. Reflecting higher indebtedness and low exports, indica-
tors based on debt-to-exports ratios have deteriorated and (as in the 2015 DSA)

breach one standard threshold in the baseline. Key considerations in maintain-

45Yang et al., 2020.
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ing the moderate rating are: (i) the envisaged investment-based expansion in
re-payment capacity financed by the external borrowing; and (ii) special fac-
tors that mitigate the risk of debt/currency distress episodes including capital
controls, the large share of debt with official creditors with a significant conces-
sional component, virtual absence of tradeable debt instruments, and limited
integration in global markets. The main risks are a potential continuation of ex-
port underperformance and failure to rein in project-related imports and refrain
from associated new non-concessional borrowing. Should these risks material-
ize, debt sustainability prospects would deteriorate materially. The projected
baseline path of total public sector debt-to-GDP (external plus domestic debt)
does not result in additional risks beyond those discussed for the external debt

above.

These examples highlight FinBERT’s ability to capture nuanced differences in tone.
The 2010 DSA emphasizes positive developments—such as improved repayment capacity
and resilience to external shocks—whereas the 2016 DSA underscores mounting risks, with
detailed discussion of export underperformance, external vulnerabilities, and potential debt

distress.
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Appendix B Robustness checks

B.1 DSA Risk Rating Analysis
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Table 11: Geopolitical bias and risk ratings in DSAs in collapsed sample

(1) (2) (3) (4)
l. Current account balance -0.0528***  -0.0450***  -0.0498***  -0.0517***
(0.0112)  (0.0117)  (0.0111)  (0.0200)
1. External debt (% GDP) 0.0154***  (0.0159***  0.0161***  (0.0202***
(0.00327)  (0.00322)  (0.00322)  (0.00474)
1. FDI inflow (% GDP) -0.0802***  -0.0809***  -0.0806*** -0.0940%**
(0.0182)  (0.0186)  (0.0181)  (0.0303)
1. GDP growth rate -0.0519* -0.0367 -0.0447 -0.0752%*
(0.0301)  (0.0305)  (0.0303)  (0.0408)
1. Total reserve (% Debt) -0.000840  -0.000771 -0.00103  -0.00880**
(0.00204)  (0.00234)  (0.00208)  (0.00361)
HIPC decision 3.662%** 3.626%** 3.529%** 25.05%**
(0.799) (0.604) (0.749) (1.096)
1. (log) WB financing -0.0623***  -0.0463***  -0.0610*** -0.0819***
(0.0126)  (0.0153)  (0.0132)  (0.0203)
1. IMF participation 0.605*** 0.480** 0.558*** 0.186
(0.212) (0.219) (0.215) (0.292)
2017 Reform 1.287*** 1.225%%* 1.166*** 1.006***
(0.238) (0.235) (0.234) (0.387)
2013 Reform -0.166 -0.214 -0.149 -0.349
(0.221) (0.224) (0.219) (0.276)
1. Policy distance from US 0.8627***
(0.289)
1. (log) US foreign aid -0.128%+*
(0.0493)
1. Policy distance from China -0.592
(0.416)
1. (log) Chinese aid (% GDP) 0.0572%*
(0.0318)
N 469 450 469 288

Region fixed effects included. Robust standard errors in parentheses.* p <.1, ** p <.05,

K b 01
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B.2 Text Sentiment Analysis

Table 12: Geopolitical bias and text sentiments in DSAs: Binary measure of text bias

Favorable bias Unfavorable bias
o 2 B @ (6 (6 (7 (8
1. Policy distance w US 0.00841 -0.0306
(0.303) (0.660)
1. (log) US foreign aid 0.369%** -0.178*
(0.0930) (0.0936)
1. Policy distance w China 0.0814 -1.950*
(0.376) (1.143)
1. (log) Chinese debt (% GDP) 0.0542 0.179
(0.0408) (0.181)
N 701 672 701 381 701 672 701 308

All of the controls and region fixed effects included. Standard errors in parentheses,
*p <1, * p <.05, ¥ p<.01

B.3 Forecast Optimism
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Table 13: GDP Growth Rate Prediction Error and Alignment with US

GDP Growth Optimism (Binary)

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) US Foreign Aid 0.040™** 0.013 0.022*
(0.012) (0.013) (0.013)
Policy Distance w US —0.051 —0.033 0.073*
(0.037) (0.038) (0.038)
Prediction length (years)  0.020**  0.019**  0.021**  0.020**  0.014™*  0.014™*
(0.002) (0.002) (0.002) (0.002) (0.002) (0.002)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,641 4,744 4,622 4,719 4,622 4,719
R? 0.149 0.148 0.107 0.107 0.098 0.096
Note: *p<0.1; *p<0.05; **p<0.01

Table 14: GDP Growth Rate Prediction Error and Alignment with China

GDP Growth Optimism (Binary)

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) Chinese Debt —0.001 0.005*** 0.004**
(0.001) (0.001) (0.001)
Policy Distance w China 0.037 —0.017 —0.010
(0.034) (0.035) (0.035)
Prediction length (years)  0.019**  0.019**  0.019**  0.020**  0.014™*  0.014™*
(0.002) (0.002) (0.002) (0.002) (0.002) (0.002)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,654 4,744 4,635 4,719 4,635 4,719
R? 0.141 0.148 0.108 0.107 0.094 0.095
Adjusted R? 0.123 0.130 0.090 0.088 0.076 0.077
Note: *p<0.1; *p<0.05; **p<0.01
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Table 15: External Debt GDP Ratio Prediction Error and Alignment with US

External Debt Percentage of GDP Optimism (Binary)

Method A Method B Method C
(1) (2) 3) (4) (5) (6)
(Log) US Foreign Aid 0.005 —0.024* 0.002
(0.011) (0.012) (0.012)
Policy Distance w US —0.149** —0.010 —0.053
(0.034) (0.039) (0.039)
Prediction length (years)  0.027**  0.028*** 0.029***  0.028**  0.029***  0.029***
(0.002) (0.002) (0.002) (0.002) (0.002) (0.002)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,322 4,374 4,266 4,318 4,259 4,311
R? 0.400 0.405 0.205 0.207 0.218 0.220
Adjusted R? 0.388 0.392 0.188 0.190 0.201 0.204
Note: *p<0.1; *p<0.05; **p<0.01

Table 16: External Debt GDP Ratio Prediction Error and Alignment with China

External Debt Percentage of GDP Optimism (Binary)

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) Chinese Debt 0.002** 0.001 —0.001
(0.001) (0.001) (0.001)
Policy Distance w China 0.192%* 0.125** 0.095**
(0.032) (0.036) (0.036)
Prediction length (years)  0.027**  0.027**  0.028**  0.028**  0.029**  0.029***
(0.002) (0.002) (0.002) (0.002) (0.002) (0.002)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,349 4,374 4,293 4,318 4,286 4,311
R? 0.404 0407 0206 0209 0219  0.221
Adjusted R? 0.391 0.395 0.189 0.192 0.202 0.204
Note: *p<0.1; *p<0.05; **p<0.01
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Appendix C Mechanism Analysis

C.1 Conditional Results on World Bank Board Members

Table 17: Distance to US and GDP Growth Prediction Error

GDP Growth Rate Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) US Foreign Aid 0.232 0.119 0.446
(0.184) (0.208) (0.281)
Policy Distance w US 0.212 0.017 1.227
(0.558) (0.673) (0.887)
World Bank Board Member —0.727 4.117 —-0.539 7.113** —0.943 9.152***

(0.512) (2.991) (1.381) (2.629) (0.792) (2.934)

Foreign Aid X Board Member 0.100 0.039 0.228
(0.158) (0.229) (0.172)

Policy Distance X Board Member —1.324 —2.283"* —2.753***
(0.972) (0.778) (0.901)

Prediction Length (# of years) — 0.198** 0.195** 0.210* 0.209** 0.021  0.027
(0.053) (0.052) (0.054) (0.052) (0.025) (0.025)

IMF Program —0.024 —0.011 —0.356 —0.342 —1.098 —1.057
(0.221) (0.227) (0.257) (0.266) (0.723) (0.720)

HIPC 0.906 0923 0.835 0.883 —0.026 —0.076
(1.251) (1.295) (1.349) (1.394) (0.680) (0.772)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,086 5,224 5,067 5,199 5,067 5,199
R? 0.094 0.093 0.084 0.084 0.090 0.090
Adjusted R? 0.076  0.076 0.066  0.067 0.072 0.073

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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Table 18: Distance to China and GDP Growth Prediction Error

GDP Growth Rate Error

Method A Method B Method C
H @2 B @ O (6)
(Log) Chinese Debt —0.001 0.059*** —0.019
(0.012) (0.021) (0.033)
Policy Distance w China 0.286 —0.478 0.061
(0.366) (0.555) (1.063)
World Bank Board Member —0.226 —0.234 0.234 —-0.721 1.003 —0.168
(0.333) (0.750) (0.790) (0.784) (0.788) (0.793)
Chinese Debt X Board Member  0.003 —0.048 —0.079
(0.038) (0.053) (0.054)
Policy Distance X Board Member 0.134 1.040 1.067
(1.109) (1.940) (2.290)
Prediction Length (# of years)  0.189*** (0.195** 0.200*** 0.209*** 0.030 0.029
(0.052) (0.052) (0.052) (0.052) (0.025) (0.025)
IMF Program —0.028 0.015 —-0.321 —0.345 —1.034 —1.017
(0.223) (0.223) (0.255) (0.264) (0.725) (0.708)
HIPC 0.965 0.952 0.990 0.891 —0.023 0.044
(1.271) (1.269) (1.381) (1.362) (0.751) (0.709)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,123 5,224 5104 5,199 5,104 5,199
R? 0.094 0.093 0.088 0.084 0.088 0.088
Adjusted R? 0.077 0.076 0.071 0.066 0.070 0.071

Standard errors are clustered at country level. *p<0.1; **p<0.05; **p<0.01
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Table 19: Distance to US and External Debt Prediction Error

External Debt Percentage of GDP Error

Method A Method B Method C
(1) (2) 3) (4) (5) (6)
(Log) US Foreign Aid 1.116 —0.138 —0.016
(2.074) (1.230) (0.035)
Policy Distance w US 13.675* 4.202 0.044
(7.187) (3.645) (0.085)
World Bank Board Member —3.450 110.427** —18.029 —211.561 —0.026  —1.115
(10.759) (49.974) (35.167) (145.461) (0.282)  (0.908)
Foreign Aid X Board Member 0.624 —1.489 0.004
(1.807) (6.241) (0.054)
Policy Distance X Board Member —34.048** 57.062 0.338
(14.489) (42.860) (0.284)

Prediction Length (# of years) —2.595-2.600**—2.510"**~2.503""-0.066*** —0.065***

(0.509) (0.497) (0.513) (0.505) (0.010)  (0.010)
IMF Program —2.006 —2.180 1.099 1.763 0.119"* 0.121"*

(4.728) (4.613) (1.937) (1.849) (0.037)  (0.037)
HIPC 23.015"**21.894™** —8.020 —7.937 0.250***  0.248***

(7.548) (7.745) (8.851) (8.122) (0.073)  (0.071)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,770 4,855 4,725 4,810 4,725 4,810
R? 0.541 0.547  0.368 0.380  0.377 0.379
Adjusted R? 0.532 0.538 0.355 0.368  0.365 0.366

Standard errors are clustered at country level. *p<0.1; **p<0.05; ***p<0.01
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Table 20: Distance to China and External Debt Prediction Error

External Debt Percentage of GDP Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) Chinese Debt 0.047 0.062 0.003
(0.134) (0.100) (0.002)
Policy Distance w China —11.926** —7.655* —0.048
(4.760) (4.408) (0.084)
World Bank Board Member 3.271 5.133 —27.320 —8.745 0.009 0.142

(9.390) (6.066) (29.172) (16.668) (0.163)  (0.149)

Chinese Debt X Board Member —0.352 0.211 —0.002
(0.576) (1.730) (0.012)

Policy Distance X Board Member —14.536 —43.557 —0.405*
(15.963) (34.273) (0.239)

Prediction Length (# of years) —2.589**-2.584**2.409**_2 498 (.065"* —0.065***
(0.500) (0.497) (0.504) (0.502) (0.010)  (0.010)

IMF Program —2.484 —-1.975 0.711 1.317  0.107***  0.120"**
(4.579) (4.600) (1.803) (1.889) (0.035)  (0.037)

HIPC 23.580***23.364** —7.593 —7.677 0.257*** 0.252***
(7.854) (7.763) (8.540) (8.634) (0.071)  (0.072)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,820 4,855 4,775 4,810 4,775 4,810
R? 0.545 0.546  0.371  0.376  0.382 0.379
Adjusted R? 0.536  0.537 0.359 0.364 0.369 0.367

Standard errors are clustered at country level. *p<0.1; **p<0.05; ***p<0.01
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C.2 Conditional Results on US Elections

Table 21: Distance to US and GDP Growth Prediction Error

GDP Growth Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) US Foreign Aid 0.196 0.060 0.432
(0.185) (0.215) (0.276)
Policy Distance w US 0.207 —0.017 1.143
(0.550) (0.652) (0.841)
US Foreign Aid X US Election 0.186* 0.304* 0.098
(0.107) (0.162) (0.155)
Policy Distance X US Election —0.283 —0.282 0.116
(0.388) (0.625) (0.842)
Prediction Length (# of years) 0.198** 0.194** 0.210*** 0.209* 0.022  0.027
(0.053) (0.052) (0.054) (0.052) (0.025) (0.025)
IMF Program 0.015 0.002 —-0.293 —0.321 —1.074 —-1.028
(0.217) (0.224) (0.244) (0.263) (0.725) (0.722)
HIPC 0.901 0.924 0.828 0.886 —0.015 —-0.042
(1.240) (1.289) (1.319) (1.382) (0.673) (0.763)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,086 5,224 5,067 5,199 5,067 5,199
R? 0.094 0.093 0.085 0.084 0.090 0.090
Adjusted R? 0.077 0.076 0.068 0.066 0.072 0.072

Standard errors are clustered at country level. *p<0.1; **p<0.05; **p<0.01
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Table 22: Distance to China and GDP Growth Prediction Error

GDP Growth Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) Chinese Debt 0.002 0.060*** 0.001
(0.013) (0.021) (0.032)
Policy Distance w China 0.239 —0.498 0.096
(0.367) (0.534) (1.085)
Chinese Debt X US Election —0.007 —0.008 —0.087
(0.017) (0.033) (0.062)
Policy Distance X US Election 0.303 0.398 0.087
(0.513) (0.702) (0.931)
Prediction Length (# of years) 0.189*** 0.195* 0.199** 0.209*** 0.030  0.029
(0.052) (0.052) (0.052) (0.052) (0.025) (0.025)
IMF Program —-0.033 0.017 -0.316 —0.335 —1.030 —1.003
(0.222) (0.221) (0.253) (0.259) (0.717) (0.710)
HIPC 0.963 0.944 0.994 0.883 0.099 0.064
(1.267) (1.266) (1.357) (1.355) (0.708) (0.699)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,123 5,224 5,104 5199 5104 5,199
R? 0.094 0.093 0.088 0.084 0.090 0.088
Adjusted R? 0.078 0.076 0.071 0.067 0.073 0.071

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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Table 23: Distance to US and External Debt Prediction Error

External Debt Percentage of GDP Error

Method A Method B Method C
(1) (2) (3) (4) () (6)

(Log) US Foreign Aid 0.881 —0.598 —0.015
(2.095) (1.182) (0.036)

Policy Distance w US 12.540* 5.010 0.058

(7.039) (3.567) (0.082)
US Foreign Aid X US Election 1.524** —0.231 —0.007
(0.763) (0.675) (0.015)

Policy Distance X US Election 0.589 2.589 —0.032

(4.817) (3.652) (0.064)

Prediction Length (# of years) —2.594™* —2.602"* —2.525"* —2 512" —(.066™* —0.065"*
(0.509)  (0.497) (0.512) (0.503) (0.010) (0.010)

IMF Program ~1.698 —1.867 0.762  0.832 0.117°* 0.118""
(4.733)  (4.539) (2.115) (2.021) (0.037) (0.037)

HIPC 23.060* 22.179** —9.120 —9.570 0.250"* 0.244**
(7.527)  (7.777)  (9.726) (9.690) (0.072) (0.072)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,770 4,855 4,725 4,810 4,725 4,810
R? 0.542 0.545 0.355 0.356 0.377 0.378
Adjusted R? 0.533 0.536 0.342 0.344 0.365 0.366

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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Table 24: Distance to China and External Debt Prediction Error

External Debt Percentage of GDP Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)

(Log) Chinese Debt 0.024 0.039 0.002
(0.137) (0.139) (0.002)

Policy Distance w China —14.157** —9.004** —0.075

(4.539) (4.211) (0.083)
Chinese Debt X US Election 0.050 0.175 0.003
(0.151) (0.171) (0.002)

Policy Distance X US Election 7717 —4.465 0.029

(3.625) (4.341) (0.086)

Prediction Length (# of years) —2.590** —2.581"* —2.512"* —2.503"* —0.065"* —0.065"*
(0.499)  (0.497)  (0.503) (0.501) (0.010) (0.010)

IMF Program —2399 —1.973 0332 0531 0107 0.117*
(4.514)  (4.509)  (1.992) (2.065) (0.035) (0.037)

HIPC 23.557"* 23.258"* —8.993 —9.199 0.254™* (.248***
(7.944)  (7.774)  (9.523) (9.630) (0.072) (0.073)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,820 4,855 4,775 4,810 4,775 4,810
R? 0.545 0.546 0.358 0.359 0.382 0.378
Adjusted R? 0.536 0.537 0.346 0.346 0.370 0.366

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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C.3 Conditional Results on Global Liquidity

Table 25: Distance to US and GDP Growth Prediction Error

GDP Growth Error

Method A Method B Method C
(1) (2) (3) (4) 5) (6
(Log) US Foreign Aid 1.120** 0.915* 0.579*
(0.502) (0.524) (0.346)
Policy Distance w US 0.695 1.728 1.480
(0.867) (1.061) (1.621)
US Foreign Aid X Bond Yields
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Policy Distance X Bond Yields —0.301* —0.270 —0.043
(0.164) (0.167) (0.056)
Prediction Length (# of years) —0.178 —0.607** —0.110
(0.213) (0.282) (0.367)
IMF Program 0.198** 0.194*** 0.211*** 0.208*** 0.022  0.027
(0.053) (0.052) (0.054) (0.052) (0.025) (0.025)
HIPC 0.073 —0.009 —0.281 —0.351 —1.083 —1.032
(0.215) (0.222) (0.258) (0.263) (0.720) (0.729)
hipc 0.748  0.929  0.697 0.899 —0.037 —0.040
(1.108) (1.292) (1.208) (1.385) (0.672) (0.760)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,086 5,224 5,067 5,199 5,067 5,199
R? 0.101  0.093  0.089 0.085  0.090 0.090
Adjusted R? 0.084  0.076  0.072 0.067  0.072 0.072

Standard errors are clustered at country level. *p<0.1; **p<0.05; **p<0.01
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Table 26: Distance to China and GDP Growth Prediction Error

GDP Growth Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) Chinese Debt 0.098 0.143* —0.071
(0.061) (0.077) (0.078)
Policy Distance w China —0.364 —1.224 0.287
(0.911) (1.070) (1.521)
Chinese Debt X Bond Yields —0.035 —0.030 0.017
(0.022) (0.025) (0.023)
Policy Distance X Bond Yields 0.235 0.285 —0.063
(0.285) (0.337) (0.325)
Prediction Length (# of years) 0.191*** 0.195** 0.201*** 0.209** 0.029  0.029
(0.053) (0.051) (0.053) (0.052) (0.025) (0.025)
IMF Program —0.004 —-0.001 -0.293 —-0.359 —1.026 —1.000
(0.212) (0.221) (0.249) (0.264) (0.724) (0.706)
HIPC 0.781 0.967 0.836 0.910 0.086  0.057
(1.154) (1.250) (1.261) (1.338) (0.735) (0.693)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,123 5,224 5,104 5199 5104 5,199
R? 0.096 0.093 0.089 0.084 0.08%  0.088
Adjusted R? 0.079 0.076 0.072 0.067 0.071 0.071

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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Table 27: Distance to US and External Debt Prediction Error

External Debt Percentage of GDP Error

Method A Method B Method C
(1) (2) (3) (4) () (6)

(Log) US Foreign Aid 1.816 0.475 —0.013
(4.071) (2.152) (0.044)

Policy Distance w US 11.115 2.527 —0.016

(16.357) (8.644) (0.158)
US Foreign Aid X Bond Yields —0.236 —0.369 —0.001
(1.015) (0.561) (0.008)

Policy Distance X Bond Yields 0.506 0.953 0.024

(4.639) (2.628) (0.039)

Prediction Length (# of years) —2.594™* —2.601"* —2.526™* —2.511"* —0.066™* —0.065"*
(0.509)  (0.497) (0.512) (0.504) (0.010) (0.010)

IMF Program ~1.924 —1.836 0.940 00911 0.119** 0.119**
(4.688) (4.557) (2.041) (2.007) (0.037) (0.037)

HIPC 22.867* 22.161** —9.280 —9.621 0.249"* (.243*
(7.350) (7.763) (9.845) (9.725) (0.072) (0.071)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,770 4,855 4,725 4,810 4,725 4,810
R? 0.541 0.545 0.355 0.356 0.377 0.378
Adjusted R? 0.532 0.536 0.343 0.344 0.365 0.366

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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Table 28: Distance to China and External Debt Prediction Error

External Debt Percentage of GDP Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) Chinese Debt —0.214 —0.155 —0.004
(0.479) (0.339) (0.005)
Policy Distance w China 12.599** —0.540 0.083
(6.304) (6.544) (0.138)
Chinese Debt X Bond Yields 0.088 0.085 0.002
(0.180) (0.109) (0.002)
Policy Distance X Bond Yields —8.959*** —3.290 —0.054
(2.709) (2.800) (0.041)

Prediction Length (# of years) —2.593"* —2.583"* —2 514 —2 503" —0.065"* —0.065"*
(0.500)  (0.496) (0.502) (0.501) (0.010) (0.010)

IMF Program —2482 —1568 0236  0.809 0.105"* 0.120"
(4.502) (4.396) (1.951) (1.998) (0.034) (0.037)

HIPC 24.080"* 22.278"* —8346 —9.553 0.260"* 0.243***
(7.778)  (7.609) (9.765) (9.732) (0.071) (0.071)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 4,820 4,855 4,775 4,810 4,775 4,810
R? 0.545 0.550 0.358 0.360 0.382 0.379
Adjusted R? 0.536 0.541 0.346 0.347 0.370 0.366

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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C.4 Conditional Results on UNSC Membership

Table 29: Distance to US and GDP Growth Prediction Error

GDP Growth Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
log_usaid 0.208 0.102 0.491*
(0.183) (0.209) (0.281)
distance_US 0.240 —0.010 1.014
(0.573) (0.681) (0.898)
unsc —1.851* 3.445 —1.027 3.724 6.474 —17.714
(1.043) (3.111) (1.395) (3.607) (4.959) (14.548)
log_usaid x _UNSC 0.427** 0.237 —1.279
(0.204) (0.250) (0.923)
distance_US_x_UNSC —0.958 —1.114 5.596
(0.972) (1.183) (4.653)
year_diff 0.198** 0.195** 0.210** 0.209** 0.020 0.026
(0.053) (0.052) (0.054) (0.053) (0.026) (0.026)
IMFparticipation —0.032 —0.015 —-0.363 —0.335 —1.096 —0.981
(0.221) (0.226) (0.254) (0.267) (0.726) (0.735)
hipc 0914 0910 0.829 0.883 —0.111 —0.084
(1.255) (1.293) (1.345) (1.385) (0.652) (0.763)
Country fixed effects  Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,086 5,206 5,067 5,181 5,067 5,181
R? 0.094  0.093 0.084 0.084 0.092 0.091
Adjusted R? 0.077  0.076  0.066  0.066 0.075 0.074

Standard errors are clustered at country level. *p<0.1; **p<0.05; **p<0.01

95



Table 30: Distance to China and GDP Growth Prediction Error

GDP Growth Error

Method A Method B Method C
(1) (2) (3) (4) (5) (6)
(Log) Chinese Debt —0.0005 0.060*** —0.024
(0.012) (0.021) (0.033)
Policy Distance w China 0.245 —0.419 0.037
(0.369) (0.559) (1.035)
UNSC 0.189  0.044 0.892* 0.123 —0.841 —0.850
(0.613) (0.553) (0.527) (0.470) (0.635) (2.096)
Chinese Debt X UNSC 0.017 —0.057 0.067
(0.045) (0.043) (0.104)
Policy Distance X UNSC 1.209 0.320 2.704
(1.072) (1.154) (4.184)
Prediction Length (# of years) 0.189** 0.195** 0.200*** 0.209*** 0.030  0.029
(0.052) (0.052) (0.053) (0.052) (0.026) (0.025)
IMF Program —0.035 —-0.004 —-0.321 —0.346 —1.008 —1.029
(0.221) (0.223) (0.251) (0.263) (0.724) (0.708)
HIPC 0939 0922 0969  0.869 0.008 0.060
(1.269) (1.270) (1.363) (1.359) (0.745) (0.695)
Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,106 5206 5,086 5,181 5,086 5,181
R? 0.094  0.093 0.088 0.084 0.088 0.089
Adjusted R? 0.077  0.076 0.071  0.066 0.071  0.071

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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Table 31: Distance to US and External Debt Prediction Error

External Debt Percentage of GDP Error

Method A Method B Method C
(1) (2) (3) 4 () (6)
(Log) US Foreign Aid 0.208 0.102 0.491*
(0.183) (0.209) (0.281)
Policy Distance w US 0.240 —0.010 1.014
(0.573) (0.681) (0.898)
UNSC —1.851* 3.445 —1.027 3.724 6.474 —17.714

(1.043) (3.111) (1.395) (3.607) (4.959)  (14.548)

US Foreign Aid X UNSC 0.427* 0.237 ~1.279
(0.204) (0.250) (0.923)

Policy Distance X UNSC —0.958 —1.114 5.596
(0.972) (1.183) (4.653)

Prediction Length (# of years) 0.198*** 0.195*** 0.210*** 0.209*** 0.020 0.026
(0.053) (0.052) (0.054) (0.053) (0.026)  (0.026)

IMF Program —0.032 —0.015 —0.363 —0.335 —1.096  —0.981
(0.221) (0.226) (0.254) (0.267) (0.726)  (0.735)

HIPC 0.914 0910 0.829 0.883 —0.111  —0.084
(1.255) (1.293) (1.345) (1.385) (0.652)  (0.763)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,086 5,206 5,067 5,181 5,067 5,181
R? 0.094 0.093 0.084 0.084 0.092 0.091
Adjusted R? 0.077 0.076 0.066 0.066 0.075 0.074

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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Table 32: Distance to China and External Debt Prediction Error

External Debt Percentage of GDP Error

Method A Method B Method C
H 2 B @ (6 (6)
(Log) Chinese Debt —0.0005 0.060™** —0.024
(0.012) (0.021) (0.033)
Policy Distance w China 0.245 —0.419 0.037
(0.369) (0.559) (1.035)
UNSC 0.189 0.044 0.892* 0.123 —-0.841 —0.850

(0.613) (0.553) (0.527) (0.470) (0.635)  (2.096)

Chinese Debt X UNSC 0.017 —0.057 0.067
(0.045) (0.043) (0.104)

Policy Distance X UNSC 1.209 0.320 2.704
(1.072) (1.154) (4.184)

Prediction Length (# of years) 0.189** 0.195*** 0.200*** 0.209*** 0.030 0.029
(0.052) (0.052) (0.053) (0.052) (0.026)  (0.025)

IMF Program —0.035 —0.004 —0.321 —0.346 —1.008  —1.029
(0.221) (0.223) (0.251) (0.263) (0.724)  (0.708)

HIPC 0.939 0.922 0.969 0.869 0.008  0.060
(1.269) (1.270) (1.363) (1.359) (0.745)  (0.695)

Country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 5,105 5206 5,086 5,181 5,086 5,181
R? 0.094 0.093 0.088 0.084 0.088 0.089
Adjusted R? 0.077 0.076 0.071 0.066 0.071 0.071

Standard errors are clustered at country level. *p<0.1; *p<0.05; **p<0.01
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