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Abstract

This article examines how international monitoring affects legal accountability for human
rights violations. International organizations often publicize human rights violations to
pressure non-compliant states to change their behavior; however, recent research suggests
that publicity can prompt intransigence or backlash, undercutting the advancement of
human rights. Drawing on the sociological concept of reactivity, I argue that states
respond to monitoring strategically: they adopt some visible accountability measures
to signal their intention to comply, while also attempting to reduce the risk that
future violations will be uncovered. To test this argument, I leverage a lottery used
to determine the schedule of Universal Periodic Review, a human rights monitoring
mechanism implemented by the United Nations Human Rights Council. Consistent with
my argument, I find that monitoring increases the likelihood that political prisoners are
released and that government officials are prosecuted for past violations, but decreases
the likelihood that truth commissions are created.
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1 Introduction

A core insight of international relations scholarship is that international institutions can
foster cooperation by monitoring state behavior and publicizing the violation of international
laws. In doing so, international institutions reduce uncertainty among states, increase the
expected costs of non-compliance, facilitate enforcement, and socialize states to international
norms (Keohane, 1984; Finnemore and Sikkink, 1998). The collection and dissemination of
information is thus central to the design and operation of many international institutions
(Koremenos, Lipson and Snidal, 2001; Dai, 2002; Koremenos, 2016). However, recent research
has suggested a dark side to transparency, indicating that the decision to disclose transgressions
is colored by perverse incentives (Nutt and Pauly, 2021) and can even undermine international
order (Carnegie and Carson, 2018).

These critiques have been especially acute in the domain of human rights, where “naming
and shaming” is typically the sole mechanism available to enforce international laws and norms.
Although some research shows that activists, governments, and international organizations can
leverage compliance information to pressure recalcitrant states to change their policies (Keck
and Sikkink, 1998; Murdie and Davis, 2012), other scholars have found that international
pressure can be counterproductive (Hafner-Burton, 2008; Lupu, 2013a; Snyder, 2020) and that
its application is rife with political bias (Lebovic and Voeten, 2006; Terman and Byun, 2022).
Alongside these conflicting empirical claims have been recurrent debates about appropriate
methods and standards of evidence (Hafner-Burton and Ron, 2009; Strezhnev, Kelley and
Simmons, 2021). In this article, I seek to reconcile these contradictory claims by weaving
together new theory and data with design-based causal inference.

Rather than either simply advancing or undercutting human rights, I argue that interna-
tional monitoring compels states to navigate a policy balancing act. On one hand, monitoring
incentivizes states to implement policy reforms that signal their intention to comply with
international standards. On the other hand, publicizing human rights violations through

international monitoring raises the expected costs of noncompliance, encouraging states to



avoid policies that increase transparency or could lead to the exposure of transgressions.
Demonstrating compliance while working to avoid future detection is a difficult policy line
to walk. It requires policymakers empowered to design and implement policies promptly
and independently. The governments best able to strike this balance are those in which the
executive is least legally constrained.

Testing this argument requires addressing two longstanding empirical challenges. First,
states are often targeted with publicity precisely because they are violating human rights.
The relationship between international scrutiny and human rights outcomes is consequently
confounded by selection, a problem that biases both cross-national statistical analyses and
the choice of country cases for qualitative and survey research. Second, most studies measure
outcomes in terms of states’ aggregate human rights practices; however, in contexts of
limited state capacity and principle-agent problems, decision-makers have a little ability to
curtail abuse in the short-run. Instead, decision-makers respond to scrutiny by varying the
implementation of policy reforms aimed at addressing past abuse. Identifying the effects of
monitoring requires measuring these policies directly.

I address both issues in this article. I leverage a natural experiment occurring at the
United Nations to address issues of selection. The UN overhauled its human rights system
in 2006, creating the Human Rights Council to replace the Commission on Human Rights,
which had been “undermined by the politicization of its sessions and the selectivity of its work”
(Annan, 2005). A key reform was the introduction of Universal Periodic Review (UPR), a
mechanism in which each UN member state undergoes regular reviews of its human rights
practices. The General Assembly created UPR with the twin goals of ensuring “universal
coverage and equal treatment of all States” (UNGA, 2006). In pursuit of these goals, the
Human Rights Council conducted a lottery to determine when each state would undergo
UPR. I combine this lottery with new measures of human rights accountability reforms to

assess the impact of international monitoring on state behavior.



I find that UPR causes states to grant more amnesties to political opposition figures and
initiate more domestic trials of government officials for human rights violations; however,
UPR also causes states to create fewer truth commissions, which is consistent with states
working to conceal incriminating evidence of abuse. I show that these effects are conditional
on the degree to which executives act independently of judicial constraints. The more
independent decision-makers are, the more likely UPR is to cause them to adopt human
rights accountability measures. Furthermore, across a wide range of measures, I find no
evidence of human rights backlash. UPR does not impact — neither positively nor negatively
— state respect for human rights; instead, it shapes the implementation of human rights
accountability. These findings are consistent with a straightforward theoretical explanation:
when states become the focus of international monitors, they attempt to comply with laws
and norms when possible and conceal violations when necessary.

My argument and findings foreground the policymaking process in explaining how inter-
national monitoring affects government behavior. Prior research suggests that regime type
and domestic legal institutions moderate the effects of advocacy campaigns and international
law on states’ human rights practices (Powell and Staton, 2009; Hendrix and Wong, 2013).
Here, I qualify these insights, showing that when executive-level decisions-makers operate
independent of legal constraints, they are more likely to respond to human rights monitoring
by adopting reforms that cast their regime in a positive light. These findings indicate that
international monitoring can direct government resources toward human rights accountability,
possibly mitigating human rights abuse due to limited capacity or misgovernance (Chayes
and Chayes, 1993; Slough and Fariss, 2021). At the same time, these findings suggest that
states’ implement human rights accountability strategically to bolster their international
reputations for compliance (Morse and Pratt, 2022).!

This article also advances ongoing debates over the effectiveness of UPR in the struggle

to promote human rights. Policymakers greeted the creation of UPR with great expectations.
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Secretary-General Ban Ki-moon claimed UPR had “the greatest potential to promote and
protect human rights in the darkest corners of the world” (Hafner-Burton, 2013, 52). This
optimism was short-lived. UPR has failed to ensure states’ “equal treatment” (Terman and
Voeten, 2018; Carraro, 2019) and, by empowering states to serve as prosecutor, judge, and
jury in the application of human rights standards, it has remained marred by politicization
(Terman and Byun, 2022). Despite these shortcomings, the evidence presented here suggests
UPR has an observable effect on human rights accountability, prompting states to grant
amnesties to political opposition figures and to prosecute their own agents for past abuse.
Likewise, I find no evidence that UPR causes a backlash by undercutting state human
rights practices. These findings indicate that even politicized international institutions can

contribute to the advancement of human rights.

2 The Promise and Peril of Human Rights Monitoring

A large literature in international relations and comparative politics seeks to explain the de-
terminants of human rights violations. This research provides two alternative accounts of how
international monitoring affects government human rights practices and the implementation
of domestic accountability measures.

One account suggests that monitoring can improve human rights outcomes. It can do so
via two mechanisms. First, a large body of research indicates that government decision-makers
are rational actors seeking to maximize their chances of survival and returns to office (Poe
and Tate, 1994; Bueno de Mesquita et al., 2003). If international monitoring increases the
costs of non-compliance, then it can alter these decision-makers’ “calculus of abuse,” making
human rights violations less likely to occur (Hafner-Burton, 2013, 19). Second, exposure to
international monitoring can diffuse policy ideas, spread best practices, and socialize states
to standards of appropriate behavior (Johnston, 2001; Greenhill, 2010). The dissemination

of compliance information generally — and naming and shaming human rights violations



specifically — can dissuade abuse by directing repressive governments toward appropriate
remedies and by coordinating the policies of other actors toward the repressive government
(Keck and Sikkink, 1998). The expectations of this account are consistent with prior research
showing a positive impact of international advocacy campaigns on respect for human rights
(Franklin, 2008; Murdie and Davis, 2012).

Existing research also suggests that governments with robust democratic and domestic
legal institutions are most responsive to international monitoring. There is a well-established,
positive association between democracy and respect for human rights (Davenport, 2007a).
Democracies with open political systems are most susceptible to the types of legalized
domestic political mobilization empowered by international human rights law (Simmons,
2009), and human rights treaties are more effective when executive authority is checked by
other domestic veto players (Lupu, 2015). Legal challenges to state policy and alternative
centers of decision-making authority are much less likely to exist in more authoritarian
contexts, limiting the channels by which international monitoring can affect government
human rights practices.

A second account suggests that international monitoring is more likely to cause human
rights intransigence or backlash than normatively positive change (Vinjamuri, 2017, 116-118).
Several quantitative studies have found that human rights criticism either has no effect or
worsens human rights violations (Hafner-Burton, 2008; Hafner-Burton and Tsutsui, 2005).
International shaming can prompt actors to double-down on prior beliefs and resist outgroup
pressure (Snyder, 2020), especially if shame is cast by an adversary or rival (Terman, 2023).?
Velasco (2023) shows how international institutions have fostered backlash against LGBT+
rights, suggesting that international institutions can both facilitate the diffusion of human
rights and provide institutional structures that help states counteract them. These findings

are consistent with the response of some states to UPR. Equatorial Guinea, for example,

2But Guess and Coppock (2020) find evidence inconsistent with backlash in survey experiments.



responded to UPR by increasing oppression and arresting arbitrarily local LGBT+ activists.?
This evidence suggests international monitoring is at best ineffective — and possibly even
counterproductive — to the advancement of human rights.

In this article, I develop an alternative to these two prevailing accounts. Rather than simply
advancing or undermining human rights, I argue that monitoring — and UPR specifically —
has a muzed impact on government human rights policies. Governments time the adoption of
accountability measures to coincide with periods of international scrutiny in order to enhance
their reputations for compliance with international human rights standards. Some of these
measures — such as the initiation of domestic trials or the amnesty of opposition figures — are
costly signals that affect human rights outcomes on the ground. Others — like the withholding
of truth commissions — are attempts to guard against unfavorable evidence coming to public
light through the review process. Monitoring, in short, causes states to strategically adopt

legal accountability measures that they otherwise would not.

3 A Theory of Reactivity and Legal Accountability

My argument widens the existing theoretical aperture in two respects. First, I look beyond
conventional indicators of government human rights practices to assess how monitoring
impacts the adoption of accountability measures used to address past abuse, such as the
creation of truth commissions, the issuance of amnesties, or the prosecution of state agents
for prior violations. Second, I argue that governments can change their behavior either in
anticipation of future monitoring or in response to monitoring when it occurs. My theory is
attuned to both possibilities.

I develop my theoretical argument in two parts. I first claim that UPR is a form of

monitoring that affects state policy via social pressure. I then explain how the ability of

3U.S. Department of State, “Background & Social Media Consideration: Equatorial Guinea: Arbitrary
Arrests of LGBTTI Citizens Spark Concern; Reaction to UPR?,” July 18, 2019, Case No. FL-2021-00526, Doc
No. A-00000462397.



decision-makers to implement policies independently shapes the responsiveness of the policy

process to monitoring and, thus, the observed effects of UPR.

3.1 Human Rights Monitoring as Social Pressure

An established literature indicates that international monitoring affects state policy. By
collecting and disseminating information on whether states are complying with international
standards, rational functionalist theories suggest that monitoring reduces uncertainty and
incentivizes states to cultivate cooperative reputations (Keohane, 1984; Guzman, 2008). But
monitoring does not just affect state policy by altering the costs of non-compliance; it can
also act as an engine of socialization by pressuring states to adopt new policies and ideas
(Johnston, 2001; Finnemore and Sikkink, 1998, 902).

Building on scholarship on global performance indicators (Kelley and Simmons, 2015;
Kelley, 2017; Kelley and Simmons, 2019), which shows how international organizations, gov-
ernments, and non-state actors wield numeric evaluations and rankings to shape government
policy, I argue that the type of human rights monitoring provided by UPR is a form of social
pressure. Although UPR does not produce numeric measures of states’ human rights policies,
it does entail recurrent public monitoring and evaluation in a manner that facilitates the
comparison of states with both to their own and others’ past performance. Consistent with
the GPI literature, I argue that UPR has the capacity to influence state policy through
the mechanisms of elite shaming, transnational pressure, and domestic politics (Kelley and
Simmons, 2015, 58).

Elite shaming is built into the design of UPR. UPR is a peer review mechanism. Each
review consist of a 3.5-hour “interactive dialogue” where delegates from the state under review
respond to questions, comments, criticisms, and other recommendations from representatives
of other UN members states. These recommendations — and whether the state under review
accepts them — are recorded in an outcome report, which forms the basis of the state’s

next review. States take interactive dialogue seriously. States under review send large



delegations with cabinet- or ministerial-level representation. Other states participate actively
in interactive dialogue. According to data from UPR Info, states issued a total of 57,966
recommendations over the course of 387 reviews during UPR’s first two cycles from April
2008 through November 2016, an average of 150 recommendations per review.

Existing research on UPR conceptualizes human rights recommendations as instances of
“naming and shaming” in which diplomats identify and publicize their peers’ transgression
of human rights norms, seeking to increase the social costs (or shame) of noncompliance
(Carraro, 2017; Terman and Voeten, 2018). This research often emphasizes how the effects of
shaming at UPR operate through states’ diplomatic relations. For instance, Terman (2023,
27-94) develops a “relational theory of international shaming” and tests this argument, in
part, by demonstrating that states’ decisions to issue recommendations at UPR are shaped by
their geopolitical relations with the state under review. UPR leverages social and diplomatic
relations between states to pressure decision-makers in the state under review to bring their
government’s human rights practices in line with international laws and norms.

The UPR process is also designed to foster transnational pressure. Reviews are based on
three reports submitted at least five months before interactive dialogue: a national report
submitted by the state under review and two sets of reports submitted to the UN High
Commissioner on Human Rights: first, reports by treaty bodies, UN special procedures,
and other official UN documents; second, reports by stakeholders including national human
rights institutions and non-governmental organizations.* Many of these stakeholders travel
to Geneva to lobby UN member state delegations to broach specific issues during interactive
dialogue; the NGO UPR Info, for instance, has coordinated “pre-session” meetings between

over 1,500 national human rights institutions and NGO representatives and 163 permanent

4UN Human Rights Council, “Institution-building of the United Nations Human Rights Council,”
A/HRC/RES/5/1, 18 June 2007, available at: http://ap.ohchr.org/documents/E/HRC/resolutions/A_HRC_
RES_5_1.doc. Stakeholders are defined as “NGOs, national human rights institutions, human rights defenders,
academic institutions and research institutes, regional organizations, as well as civil society representatives”;
United Nations Human Rights Council, “Information and Guidelines for Relevant Stakeholders on the Uni-
versal Periodic Review Mechanism,” July 2008, available at: https://www.ohchr.org/sites/default/files/
HRBodies/UPR/Documents/TechnicalGuideEN. pdf.
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missions.” UPR links local and international NGOs with diplomats in other states, which
existing research shows is critical to the power of transnational advocacy networks and human
rights diplomacy (Keck and Sikkink, 1998; Murdie and Davis, 2012; Risse, Ropp and Sikkink,
2013).

UPR also exercises transnational pressure through the diffusion of policy ideas and the
support it provides to states to implement these ideas. The review process helps states
identify areas for human rights improvement and exposes policymakers to policy options
and best-practices. After review, the Human Rights Council provides financial and technical
assistance to help states implement recommendations.® Consistent with prior research, UPR
acts as an engine of policy reform by fostering policy learning, disseminating international
norms, and incentivizing states to institutionalize new policies in domestic practice (Haas,
1992; Finnemore, 1993; Greenhill, 2015).

Finally, UPR provides an exogenous shock to domestic politics, increasing the prioritiza-
tion of human rights on the policy agenda. The efficacy of international laws and organizations
stems, in part, from their ability to mobilize and empower pro-compliance domestic con-
stituencies who advocate for policies in line with international standards (Gurowitz, 1999;
Dai, 2007; Simmons, 2009; Ritter and Conrad, 2016). UPR does this by conveying compliance
information to domestic audiences, mobilizing domestic NGOs through the UPR reporting
process, and offering a focal event — interactive dialogue — that punctuates the normal course
of domestic politics. For illustration, I show in appendix C that UPR causes an increase
in Google searches of human rights related-topics in the state under review, indicating
an increase in the salience of human rights in domestic politics (Dancy and Fariss, 2024).
Diplomatic reporting within the State Department suggests that these dynamics apply even

in authoritarian settings. In Burma, for instance, domestic newspapers provided extensive

5See, UPR Info, 2024, “Pre-sessions,” available at: https://upr-info.org/en/presessions; UPR Info,
2016, “UPR Info Pre-sessions Empowering human rights voices from the ground,” available at: https:
//upr-info.org/sites/default/files/documents/2016-12/pre-sessions_web.pdf.

6 The Voluntary Trust Fund for Financial and Technical Assistance for the Implementation of the UPR.
was established by Human Rights Council, Resolution 6/17, “Establishment of funds for the universal periodic
review mechanism of the Human Rights Council,” 28 September 2007.
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and candid coverage the country’s periodic review in 2011, despite widespread censorship
and oppression.” By increasing the domestic salience of human rights, UPR helps to reorient

policy attention and resources toward the problem of human rights abuse.

3.2 Conditional Reactivity

I argue that states’ responses to the social pressure generated by UPR are characterized
by conditional reactivity. The concept of reactivity was developed to explain how subjects
modify their behavior when they know they are being monitored or evaluated (McCall, 1984).°
While initially seen as a threat to valid measurement (Campbell, 1957), sociologists have
more recently shown that monitors can harness reactivity to shape organizational behavior.
Influential research by Espeland and Sauder (2007), for instance, shows that universities have
reallocate resources and adopted “gaming strategies” in response to U.S. News and World
Report law school rankings.

States respond to monitoring in similar ways. Bisbee et al. (2019) show that the indicators
created by the Millennium Development Goals led states to reallocate resources toward
educational outcomes measured by the initiative, and Honig (2019, 174) contends that
increased monitoring causes international development organizations, like the US Agency
for International Development, to prioritize presentation over performance. I argue that
reactivity is also a useful concept for explaining the consequences of UPR. However, UPR’s
effect on state policy is not unconditional and uniform across contexts. Organizational
pathologies and legal constraints on executive policymaking shape the types of outcomes
affected by UPR and where these effects are likely to occur.

Two organizational pathologies limit the impact of UPR on human rights outcomes. First,
organizations that abuse human rights are often rife with principal-agent problems (Mitchell,

2004; Conrad and Moore, 2010). Decision-makers typically delegate violations in a manner

7U.S. Department of State, “Burma: Some Signs — though Inconsistent — of a Changing Media Environment,”
July 1, 2011, Case No. F-2014-22713, Doc No. C05740789.

8 Reactivity is also known as a “Hawthorne Effect” based on the seminal experiments conducted at the
Western Electric Company in Cicero, Illinois from 1924 and 1932 (Adair, 1984).
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that increases plausible deniability and reduces legal liability (James, 2002; Carey, Mitchell
and Lowe, 2013, 250).” Once abuse is delegated, repressive agents work to insulate themselves
from oversight and accountability, a process Rejali refers to as “bureaucratic devolution”
(2007, 526-530). As a result, human rights violations become routinized, persistent, and
difficult to stop (Hafner-Burton and Ron, 2009; Hafner-Burton, 2013, 19, 35). In contexts
characterized by principle-agent problems, human rights outcomes would not be affected
by international monitoring in the short run, even if policymakers intended to comply with
monitors’ demands.

Second, many human rights violations are not due to a strategic choice to repress but
follow a “logic of misgovernance,” where rights violations arise because state agents are failing
to do their jobs well (Slough and Fariss, 2021). Poor training could make rights violations by
military officers more likely, and judicial backlogs could cause unlawful imprisonment. These
same issues are often-cited drivers of the use of torture; as noted by Simmons and Creamer
“[t|orture practices are multicausal, tied to deep cultural practices and governing dysfunctions,
are often committed by decentralized agents, and are therefore difficult to influence under
any circumstances” (2019, 1055). The same logic is reflected in legal research emphasizing
how limited state capacity accounts for non-compliance with international laws (Chayes and
Chayes, 1993). In the case of misgovernance, abuse would occur even under the leadership of
elites intent on respecting human rights.

The mechanisms of social pressure leveraged by UPR — elite shaming, domestic politics,
or transnational advocacy — do not address the principal-agent or misgovernance problems
that allow persistent human rights violations. UPR is consequentially unlikely to have a
direct, short-term impact on aggregate patterns of human rights abuse.

Instead, I contend that UPR affects the probability of states adopting transitional justice

policies aimed at addressing past human rights abuse. Elites, domestic audiences, and

9 Mass atrocity crimes, which are typically planned, authorized, and executed by small groups of elites, is
a notable exception (Valentino, 2005); however, these crimes occur during civil wars or when regime survival
is at stake, contexts where international scrutiny is less likely to outweigh other factors driving human rights
violations.
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transnational advocacy networks affect the establishment of truth commissions (Zvobgo,
2020), the prosecution of state officials (Sikkink, 2011), and the release of political prisoners
(Gruffydd-Jones, 2021). However, some transitional justice policies do not cast states in a
positive light; truth commissions can uncover new evidence of past abuse and amnesties of
state officials can fuel accusations of impunity. Following the strategic logic of reactivity,
I argue that states respond to the social pressure of UPR by implementing policies that
signal compliance with human rights norms and avoiding those that risk new allegations of
non-compliance.

States’ ability to respond strategically to UPR depends on the extent to which decision-
makers can act independently. An established literature shows that domestic institutions
shape patterns of repression (Davenport, 2007b), the implementation of international laws
and norms (Cortell and Davis, 1996), and the efficacy of naming and shaming campaigns
(Hendrix and Wong, 2013). Domestic legal institutions are especially important (Hill and
Jones, 2014). Strong judiciaries can reduce repression by restraining executive action and
holding executives accountable for legal violations (Powell and Staton, 2009; Mitchell, Ring
and Spellman, 2013). Democracies with robust legal institutions are thus most respectful of
human rights.

This insight has a counterintuitive implication for where UPR is most likely to have the
largest impact on state behavior. When domestic courts are weak, executives have more
discretion over policy outcomes and there tends to be more need for transitional justice
measures to address past legacies of abuse and repression, increasing the marginal effect
of international law on state repression (Conrad and Ritter, 2019). As Conrad and Moore
(2010) argue, governments are better able to curtail the use of torture when there are fewer
veto players in the decision-making process. I argue that similar dynamics affect government
responses to UPR. When executives govern under the guise of weak courts, they are able to

implement policies selectively and on short-notice in an effort improve their performance at
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UPR. As a result, UPR should have a greater effect on the implementation of accountability

measures when executives operate independently of the judiciary.

4 Observable Implications

Each theoretical account provides distinct predictions concerning how international monitoring
in the form of UPR affects human rights. The first set of distinctions concerns how UPR
affects government respect for human rights, such as aggregate measures of physical integrity
violations as well as indicators of specific crimes like the use of torture or extrajudicial
killings. While one account predicts UPR to improve state behavior across these indicators,
the backlash hypotheses anticipates a null or negative relationship between monitoring
and government respect for human rights. The theory of conditional reactivity does not
expect UPR to impact state human rights practices, because bureaucratic slack renders these
outcomes non-responsive to short-term changes in social pressure.'’

Unlike the alternative explanations, the theory of conditional reactivity expects monitoring
to have different effects on different types of accountability measures. This argument indicates
that states respond strategically to the social pressure generated at UPR. States often advocate
against impunity and for the releasing political prisoners during interactive dialogue, whereas
the topic of truth commissions is rarely broached.!! The concept of reactivity suggests that
states should respond to this pressure by granting more amnesties to opposition figures while
increasing the prosecution of and reducing amnesties for state officials for past abuse. At the

same time, states should scale back the creation of truth commissions in order to limit the

availability of incriminating evidence.

10 Hafner-Burton also argues that the efficacy of naming and shaming campaigns is limited by state capacity;
consequentially, she argues these campaigns have a negative impact on government human rights practices but
can have a positive effect on institutional structures, such as “government’s abuse of the electoral process, its
level of political pluralism and participation, and functioning government” (2008, 696). I test this argument
alongside measures of state human rights practices below.

1 During the first two cycles of UPR, only 75 comments made during interactive dialogue mentioned a
“Commission of Inquiry” and only six mentioned a “Truth Commission,” whereas 503 comments mentioned
“Impunity.” Likewise, the stem/term “inquir+” and “truth” were raised 152 and 128 times, respectively, while
“prosecut*” and “prisonx” occur 1,373 and 1,218 times.
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The two alternative explanations do not anticipated UPR to have mixed effects on the
implementation of legal accountability measures. The first account suggests that review
should have a positive impact on the advancement of human rights, such as promoting truth
commissions, opposition amnesties, and justice for past abuse by state officials. The backlash
account, in contrast, expects the opposite: that UPR will either have no effect or cause states
to double-down on past abuse.

The theories also differ in terms of how domestic institutions moderate the effect of
international monitoring. My argument indicates that states’ ability to react strategically
to monitoring depends on policymaker autonomy. The impact of UPR is greatest when
executives have more discretion to implement policy reforms independently; institutional
checks on executive authority inhibit policy responses to UPR. In contrast, research on
the impact of international law on human rights provides the opposite expectation: that
monitoring is most effective when domestic political structures offer formal channels for
mobilized domestic constituencies and veto players to hold executives accountable.

Some existing research hypothesizes that non-democracies are more responsive to in-
ternational monitoring. Hendrix and Wong (2013) argue that non-democracies are more
responsive to naming and shaming campaigns, because these campaigns introduce novel
compliance information into domestic authoritarian contexts, whereas they spark backlash in
democracies. Bisbee et al. (2019) argue that unaccountable governments — those with opaque
or non-democratic political systems — respond to global performance indicators on education
by substituting resources toward measured outcomes (primary education enrollment rates)
and away from non-measured outcomes (secondary education enrollment rates).

My argument differs from these accounts both in terms of expectations and theoretical
mechanisms. First, my theory expects non-response, not backlash, when international
monitoring targets states whose political systems have robust checks-and-balances. Second,
while novel information concerning government human rights practices may activate pro-

compliance domestic political actors, I argue that UPR also impacts state behavior via
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transnational pressure and elite shaming. As a result, decision-makers attempt to implement
policies to mitigate these pressures, and not just to please domestic audiences. Furthermore,
few resources are required to free prisoners, initiate prosecutions, or authorize commissions of
inquiry. While all policy choices involve tradeoffs, in the case of UPR, an explanation rooted
in the concept of reactivity is more compelling than one anchored in policy substitution under

recourse constraints.

5 Data and Measurement

I construct a panel dataset of all UN member states to test these competing hypotheses. My
unit of analysis is, accordingly, the country-year. My panel begins in 2008, the year UPR
first occurred, and ends in 2020, the final year outcome measurements are available. My
treatment variable in all analyses measures whether a state underwent UPR in a given year,
taking 1 in review years and otherwise 0.

The different theoretical expectations require different outcome measures. To measure
the implementation of domestic accountability measures, I use a new dataset developed by
the Transitional Justice Evaluation Tools (TJET) project (Dancy et al., 2024).'* TJET is a
comprehensive, global database of transitional justice policies implemented from 1970 through
2020. Since the creation of UPR in 2008, TJET includes data on 137 amnesties policies, 34
truth commissions, and 2,589 domestic human rights prosecutions of state officials.

I use these data to construct several measures of whether a state implements a new
transitional justice policy in a given year. I create four measures of government amnesty
policies. Opposition Amnesties and State Amnesties equal 1 if a government issues an amnesty
to political opposition figures or government officials in a given year, and are otherwise 0.
I further distinguish States Amnesties based on whether the amnesty is issued specifically
for past violations of human rights (State HR Amnesties), the type of amnesty most often

condemned at UPR. I also measure changes in the prosecution of state agents and the

12 The full dataset is available at www.transitionaljusticedata.org.
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implementation of truth commissions. The variable Truth Commissions takes 1, and is
otherwise 0, if a new truth commission is created in a given year. Domestic HR Trials equals
1, and is otherwise 0, if a state begins prosecuting government officials for human rights abuse
in a given year and had no prosecutions in the prior year.

I drawn on several sources to measure variation in state respect for human rights. For
physical integrity violations, I use the latent variable measure of respect for human rights
developed by Fariss (2014) and Fariss, Kenwick and Reuning (2020) as well as measures
of freedom from torture and freedom from political killings developed by the Varieties of
Democracy Project (Coppedge et al., 2024). These are continuous variables with standard-
normal distributions. I also examine the effect of UPR on institutional structures, because
Hafner-Burton (2008) finds that naming and shaming affects the electoral process, political
pluralism, and participation. I assess whether UPR affects civil society participation, par-
ticipatory democracy and direct popular vote as measured by the Varieties of Democracy
Project. These are continuous variables ranging from 0 to 1 (e.g., low to high participation).

Descriptive statistics for all variables are provided in Appendix A.

6 Research Design: The UPR Lottery

Research on the effects of international laws and institutions on state behavior is often
confounded by the problem of selection on unobservables (Lupu, 2013b; Chaudoin, Hays and
Hicks, 2018). States choose when to ratify treaties and enter international organizations,
making it difficult to discern whether associations between ratification and outcomes are due
to institutions themselves or states’ pre-existing preferences and characteristic (von Stein,
2005; Simmons and Hopkins, 2005). Two unique features of the design and implementation of
UPR help address these problems: its universality and a lottery used to assign states’ review
dates. Here, I explain these features and how I leverage them to estimate the effect of UPR

on government human rights practices.
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On March 15, 2006, the United Nations General Assembly adopted resolution 60/251,
establishing the Human Rights Council and the mechanism of Universal Periodic Review.
The resolution charged the HRC to undertake UPR in a manner that “ensures universality
of coverage and equal treatment with respect to all States.” In pursuit of these twin goals,
the HRC held a lottery on September 21, 2007, to determine the order states would undergo
review.'® This lottery differed from a simple random ordering in three respects.

First, the HRC block randomized by region. The first cycle of UPR occurred over 12
sessions, beginning in April 2008 and ending October 2011; 16 UN member states underwent
review during each session.'* To ensure geographic representation within each session, the
HRC set a fixed number of states to be reviewed from each UN regional grouping during each
session.'” For example, during UPR’s first session, four states were reviewed from Africa,
two from Asia, three from Latin America and the Caribbean, two from Eastern Europe, and
three from Western Europe and Other States. This approach to the lottery not only ensures
equal geographic treatment, it also improves the precision of statistical estimates, because
region is associated with many factors — socio-economic development, regime type, conflict
legacy, and more — that affect government human rights practices.

Second, following HRC resolution 5/1 of June 2007, states that were HRC members in
2007 or elected to join the HRC in 2008 were required to undergo review during the first
session of the last year of their term on the HRC. For example, states whose HRC terms
ended in 2007 or 2008 were assigned the earliest sessions in 2008, and states whose term

ended in 2010 were assigned to the earliest sessions in 2010.% This rule determined the year

13 The modalities of the lottery are detailed in the HRC’s report on its sixth session; UN Human Rights
Council, “Report of the Human Rights Council on its 6th session,” 2007, Geneva, paragraphs 291-294 (page
132) and Annex V (pages 205-209), available at, https://digitallibrary.un.org/record/626770?n=en. On
June 17, 2011, the HRC adopted decision 17/119 fixing this order for all subsequent UPR cycles.

14 The number of states reviewed each session was reduced to 14 after the first cycle; however, the order
was not changed.

15See Appendix B for block randomization schedule and states’ regional groupings.

16 States that were HRC members in 2007 are bolded in the list of regional groupings provided in Appendix
B, and the year their term expired is provided in parentheses.
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that 56 states underwent UPR. Critically, this rule was set after these states joined the HRC
and, I argue, is exogenous to their human rights practices.

Third, the order of some states was not determined by lottery. The HRC invited states to
volunteer to undergo UPR first. Only two states accepted this invitation: Switzerland and
Colombia. These states were reviewed in the third UPR session. Haiti was moved to the end
of the first cycle following the 2010 earthquake. South Sudan was then placed in the order
after Haiti at the end of the second cycle once it gained independence in 2011.

All states have complied with their assigned review dates. Only once — Israel during the
second cycle — has a state refused to show up on its assigned review date. Even in this case,
however, Israel’s noncompliance was short lived: it skipped it’s initial assigned review during
the 15th UPR session on January 29, 2013, but then agreed to participate in a make-up
review during the 17th session on October 29, 2013. As a result, these events did not alter
the year of Israel’s review and, thus, did not affect its treatment status. During the third
cycle Israel returned to its place in the original, randomly assigned order.

I argue that this lottery renders states’ review dates independent of other determinants of
their human rights practices. Consequentially, differences between reviewed and non-reviewed
states can be interpreted as causal effects of UPR. I estimate causal effects using a two-way

fixed-effects model of the form,

Yie =i+ + 7D + Z niXjit + € (1)

J
where Y, is the outcome variable of state ¢ in year ¢, D;, is an indicator that takes 1 if state
¢ underwent review in year ¢, o; and +y; are state and year fixed effects, X, are the j control
variables measured country ¢ in year ¢, and €;; is an error term. In analyses of the effect of
UPR on human rights accountability measures, control variables are states’ UNGA voting
ideal points (Bailey, Strezhnev and Voeten, 2017), electoral democracy index (Coppedge

et al., 2024), level of respect for human rights (Fariss, 2014), and the log of states’ GDP
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per capita and log of population (Fariss et al., 2022); in analyses of the effect of UPR on
government human rights practices or institutional structures, I exclude controls for electoral
democracy and respect for human rights. Given the random assignment of states review
dates, identification does not require these controls or fixed effects; however, their inclusion
increases the precision of estimates (Gerber and Green, 2012).'" 7, the effect of review on
the respective outcome, is the quantity of interest.

I also leverage the UPR lottery to conduct sensitivity analysis via randomization inference
in which I compute the exact distribution of null results from a large number of placebo
lotteries. I replicate the lottery in two ways. First, I conduct 10,000 placebo lotteries following
precisely the steps used by the HRC to implement the lottery on September 21, 2007, as
described above. Critically, this approach holds fixed the treatment assignment of the 56
states that were either serving on the HRC when the lottery was conducted in 2007 or that
had been elected to begin serving on the HRC in 2008. This is a conservative test, because
these 56 states receive their observed treatment assignment in all permutations. Second, I
conduct the same number of placebo lotteries, but ignore the rule that states serving or elected
to serve as HRC members in 2007 must be reviewed in the final year of their term; all other
rules and deviations from simple random ordering (e.g., regional distributions, preferences
of Switzerland and Colombia, and the disruption of Haiti’s earthquake) are followed. This
approach permits the treatment assignment of these 56 states to vary. I note the results of
these analyses below; I present full results in Appendix D.

The validity of this research design depends on the comparability of reviewed and non-
reviewed states. In Figure 1, I implement the equivalence approach to balance tests as
described by Hartman and Hidalgo (2018) to assess the comparability of the treatment
groups produced by the lottery. Black diamonds represent the standardized mean difference

between the treated and control states for the control variables, regional indicators, and

17 The use of two-way fixed-effects to estimate average treatment effects has come under recent scrutiny due
to the possibility of observations taking negative weights (de Chaisemartin and D’Haultfceuille, 2020; Imai
and Kim, 2021); I guard against this threat to inference by conducting non-parametric sensitivity analyses,
described below.

19



several additional state attributes. Grey bars are 95% equivalence confidence intervals — the
largest difference at which the null hypothesis of difference is rejected at a = 0.05. The
vertical lines represent the £0.360 equivalence range proposed by Hartman and Hidalgo
(2018, 1006). The absolute difference between treated and control groups is greatest for Log
Population, where it is only a difference of 0.088 standard deviations. These analyses show
that states under review are comparable to states not under review across a wide-range of
observable characteristics. In Figure 7 of Appendix D I test covariate balance in the observed
lottery to the 10,000 placebo lotteries used to conduct randomization inference. The placebo

lotteries produce treatment and control groups comparable to those in the true lottery.

Log GDP Per Capita{ | -
Log Population{ ! .
UNGA Ideal Pointq S
HRC Member .
Polyarchy (V-Dem)q i .
Political Stability - .
Human Rights Respect (Fariss)q | .
Log Land Areaq ! .
Africa - *
Asiaq .
Latin America i .
W. Europe and Other States{ .
0.2 0.0 0.2

Equivalence Range (in standard deviations o)

Figure 1: Balance of Reviewed and Non-reviewed States. Equivalence tests comparing
covariate balance of states under review to those not under review. Equivalence range of
+0.360 denoted by vertical dashed lines. Standardized mean difference between treated
and control states represented by black diamonds. 95% equivalence confidence intervals
represented by gray bars.

7 Empirical Findings

I present my quantitative findings in three parts. First, I assess how UPR affects the
implementation of legal accountability measures, showing that states respond to review in a
manner that is consistent with the concept of reactivity. Second, I test whether UPR worsens

government human rights practices or prompts institutional reform. I find that it does not.
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Third, I assess how the effects of UPR on human rights accountability varies by the degree to

which executives exercise policymaking authority independently.

7.1 Evidence of Reactivity

I begin my analysis with Figure 2. In the gray shaded region of each facet, I plot estimates
— computed by equation (1) — of the effect of UPR on four legal accountability measures:
opposition amnesties, state amnesties for past human rights violations, truth commissions,
and domestic prosecutions of government agents.'® In the unshaded regions of each plot, I
present analyses in which I move artificially states’ year of review forward or backward by 1,
2, or 3 years to assess if there is evidence that outcomes change in anticipation of or in the
wake of reviews. Statistically significant estimates in these analyses would suggest that the
observed effect could be either a result of temporal trends or changes that precede or follow
review, not a result of review itself.

The results presented in Figure 2 are consistent with the concept of reactivity. These
analyses show that states issue more amnesties to opposition figures and are more likely to
initiate the prosecution of government officials in years when states undergo UPR. In contrast,
they are less likely to issue amnesties to their own officials for past human rights violations
and less likely to create truth commissions, which is consistent with the theory that states
attempt to withhold new evidence of non-compliance when they come under the guise of the
international spotlight. Furthermore, in no case do these changes precede review or persist
in its wake. This suggests that UPR prompts an immediate change in the implementation
of human rights accountability. These results also deviate from the expectations of the
alternative explanations. Both predict a uniform pattern of response, either toward or away
from compliance, and not an improvement in some indicators (opposition amnesties, state
human rights amnesties, and prosecutions) and concurrent deterioration in others (truth

commissions).

18 Analyses of UPR’s impact on state amnesties more generally are presented in Appendix D.
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Figure 2: Effect of UPR on Human Rights Accountability. The impact of UPR on human
rights accountability measures — estimated by equation (1) — is presented in the shaded region
at t = 0. Analyses in which the year of review is moved artificially 1, 2, or 3 years before or
after the actual year of review are presented in the unshaded region. Standard errors are
clustered at the country-year.

The magnitude of these effects are small, but they are nevertheless substantively significant.
For example, opposition amnesties are rare, occurring in 2.43% of country-years without
review; the incidence of opposition amnesties nearly doubles in country-years undergoing
review, rising to 4.44%. Likewise, review increases the probability that a government will
initiate trials against its own officials from 0.135 to 0.182, an increase of over 4.72 percentage
points or more than 35 percent. While 1.55% of country-years not under review created
truth commissions (a total of 28 observations), only 0.21% of country-years under review (1

observation) do so. UPR nearly precludes the establishment of new truth commissions.
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I present several supplementary analyses in Appendix D to assess the robustness of these
findings. I use randomization inference to locate the observed estimates presented in Figure
2 in the distribution of null estimates computed from fictitious lotteries. These analyses
show that the finding that UPR causes states to issue opposition amnesties is especially
strong; even holding in the case of permuted lotteries that hold fixed the treatment status
of the 56 HRC member and member-elect states. The effect of UPR on the initiation of
truth commissions and domestic human rights prosecutions is also robust, but sensitive when
the treatment status of the 56 HRC members held fixed. Furthermore, I also show in these
analyses that the effect on amnesties for government officials is driven by variation in a
reduction for amnesties for past human rights violations specifically, and not amnesties of
government officials more generally.

Second, I use randomization inference to conduct nonparametric sensitivity analysis,
comparing the observed relative risk of outcomes in states under review to the distribution
of this statistic in across placebo lotteries. A nonparametric approach is instructive in this
context because it avoids arbitrary modeling decisions that have long been at the heart of
contradictory findings in the empirical literature and is robust when outcomes are rare (Imai
and Lo, 2021)." The results of this nonparametric sensitivity analysis are consistent with

the findings presented here.

7.2 No Evidence of Backlash or Improved Human Rights Practices

Next, in Figure 3, I assess whether UPR impacts government human rights practices or the
nature of domestic political institutions as expected by the alternative explanations. Across
the board, I find no evidence that UPR affects these outcomes. UPR impacts neither aggregate
measures of state respect for human rights nor specific indices measuring government use of
torture or political killings. Likewise, I find no evidence that UPR causes states to adopt

more open forms of democracy, such as increasing participatory democracy or the use of

19 See, for example, Green, Kim and Yoon (2001); King (2001); Gartzke (2007); Dafoe (2011).
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direct popular vote, or to create more space for civil society actors to participate in the

political process.
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Figure 3: Effect of UPR on Human Rights Practices and Political Institutions. The impact
of UPR on a selection of human rights practices and political institutions and outcomes —
estimated by equation (1) — is presented in the shaded region at t = 0. Analyses in which the
year of review is moved artificially 1, 2, or 3 years before or after the actual year of review
are presented in the unshaded region. Standard errors are clustered at the country-year.

This analysis could be interpreted as consistent with a weaker version of the backlash

hypothesis, in which states become recalcitrant and double-down on current practices in the

face of external pressure. I contend, however, that when viewed in combination with the

evidence presented in Figure 2, these findings are more consistent with a theory of conditional



reactivity. Human rights abuse and political outcomes are the product of bureaucratic
processes — rife with misgovernance and principal-agent problems — that are unlikely to be
quickly affected by the type of short-term, exogenous change in social pressure produced by

UPR. As a result, UPR does not affect these outcomes.

7.3 Legal Constraints Moderate Reactivity

I now examine how institutional constraints on executive authority moderate the effect of
UPR.?" T focus specifically on the role of judicial constraints, because the nature of the legal
accountability measures under study — prosecutions, amnesties, and public inquiries in the
form of truth commissions — all affect the jurisdiction or docket of the courts. I use the kernel
estimator developed by Hainmueller, Mummolo and Xu (2019, 173-175) to estimate the
effect of UPR on human rights accountability across different values of the V-Dem Judicial
Constraints on the Executive Index. Higher values of this index indicate that an executive is
more constrained by the judiciary.

This estimation strategy allows local effects to vary in a nonlinear manner. This would be
necessary, for example, if outcomes in states with high and low levels of judicial constraints
are not impacted by UPR, but states with intermediate levels of judicial constraints are. In
these models, I include the same covariates and fixed-effects as in equation (1) and add terms
for the moderator and the interaction of review and the moderator.?!

The results of this analysis are presented in Figure 4. Each pane show how the effect of
UPR on the implementation of a human rights accountability varies by judicial constraints on
the executive; stacked histograms at the bottom of each pane demonstrate common support
across the distribution of the moderator. Evidence in Figure 4 is broadly consistent with the

theory of conditional reactivity. It suggests that the effect of UPR on opposition amnesties

20 That is, I aim to understand how the effect of a single treatment varies across levels of a baseline covariate;
what Keele and Stevenson (2021) call an “effect modification.”

21 The Hainmueller, Mummolo and Xu (2019) estimator estimates an optimal kernel bandwidth; however,
these estimated bandwidths are unstable across analyses with different outcomes, ranging from 0.05 to 0.66.
Consequentially, I use a fixed bandwidth of 0.1 to facilitate comparison across analyses also while striking a
balance between stable and flexible estimation. See Appendix E for discussion.
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and truth commissions is most pronounced in states where the executive faces few judicial
constraints; there is no evidence of an effect in states with strong judicial constraints on the
executive. Likewise, estimates indicate that UPR affects the initiation of domestic human
rights trials of and amnesties for government officials in states with intermediate levels of
judicial constraints. These governments typically impose weak constraints on executive
authority, ranging from states like Saudi Arabia in 2013 (whose judicial constraints on the
executive index is 0.264) and Kyrgyzstan in 2010 (0.319) through Morocco in 2017 (0.659)
and Kenya in 2010 (0.762).

The findings in Figure 4 deviate from the theoretical expectations of conditional reactivity
in one respect: it does not predict an increase in domestic trials in states with the most
robust judicial institutions. This finding is consistent with research showing that the impact
of international law on human rights outcomes is greatest in states with robust legal systems
(Simmons, 2009). This finding also goes against research showing democracies are more
likely to exhibit backlash to international naming and shaming campaigns (Hendrix and
Wong, 2013). The evidence here does not supports this inference. Despite these deviations,
the overall pattern that emerges from these analysis is most consistent with a theory of
conditional reactivity.

I validate these findings in Appendix E. First, I present scatterplots and descriptive
statistics of outcomes and the moderator by treatment status to assess functional form and
common support across analyses. Second, I use randomization inference to compute the
distribution of null results using the UPR lottery. These analyses are consistent with the
results presented here when the lottery varies the assignment status of HRC; the impact of
UPR on opposition amnesties and the initiation of domestic human rights trials is sensitive
to holding fixed the treatment assignment of these 56 states. Third, I assess whether a
state undergoing review impacts its judicial constraints on the executive index, which could

introduce post-treatment bias; I find that it does not.
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Figure 4: Effect of UPR on Human Rights Accountability Varies by Judicial Constrains on
FEzxecutive. Solid lines are kernel estimates of the effect of review on a given human rights
accountability measure by the level of judicial constrains on the executive. Bootstrapped
country-year cluster-robust 95% confidence intervals are provided by the gray region. The
margin of each plot provides a stacked histogram of the number of reviewed (red) and
non-reviewed (gray) states at each value of the moderator.

8 Illustrative Evidence

The most direct evidence of UPR’s impact on human rights reforms occurred when Israel’s
delegation announced during its presentation at the beginning of its second review that Israel

would be releasing a group of Palestinian prisoners “that night.”?? The lead-up to this review

22 The UN summarizes the Israeli presentation at UPR as follows: “[T|he [Israeli] delegation pointed out
that Israel had agreed to release Palestinian prisoners as a confidence-building measure. A second group
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was marked by intense social pressure (Cumming-Bruce, 2013). Israel’s delegation had failed
to appear for it’s originally scheduled review on January 29, 2013. This was the first and
only time a state had skipped a review, prompting a months-long push to secure Israeli
participation.

Israel’s release of Palestinian prisoners was a concession to this pressure. The US helped
broker an initial release of prisoners in advance of Israel’s review, which Israel characterized
as a “confidence-building measure”; the timing and location of the announcement of Israeli’s
second amnesty suggest it was motivated, in part, to earn goodwill during its review at UPR.
Israel had reason to anticipate criticism for its treatment of Palestinian prisoners: it was a
frequent focus of HRC resolutions and the topic of several NGO reports submitted in advance
of Israel’s review (Human Rights Council, 2013b). During review, several states — including
Libya, China, Qatar, Syria, Egypt, Pakistan, and Oman — commended Israel’s announcement
that it would release some prisoners that night, while still calling on it to release more.

Like Israel, other states highlighted opposition amnesties in their national reports and
presentations at UPR. In its remarks before interactive dialogue in April 2014, Albania
highlighted how a new amnesty law, implemented earlier that year, “had resulted in a
significant reduction in prison overcrowding” (Human Rights Council, 2014). Mauritania
similarly emphasized an amnesty policy in its presentation before UPR in 2010 (Human
Rights Council, 2011). And, in 2009, Morocco praised Chad for granting amnesty before UPR
while also encouraging it to implement recommendations of its truth commission (Human
Rights Council, 2009). These examples indicate that states view amnesty policies as pro-active
legal measures they can use to signal compliance with international norms at UPR.

Evidence also indicates that the social pressure generated by UPR can lead states to
implement policies that they might otherwise forgo. For instance, the only recommendation

Pakistan did not accepted in 2012 concerned oppression in Balochistan and impunity for

of prisoners was being released that night. Their release illustrated the determination of Israel to reach an
agreement with its Palestinian neighbours that would, once and for all, end the conflict” (Human Rights
Council, 2013a).
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torture and disappearances nationwide, indicating its unique sensitivity of these specific
issues.”® These issues also arose during Pakistan’s first review in 2008. Despite their sensitivity,
Pakistan took some action on both fronts in the intervening period. Before its review in
2012 Pakistan issued an amnesty for Balochi rebels and rebel leaders, and after the topic of
impunity was raised repeatedly in 2008, Pakistan initiated nine trials of government officials
for human rights violations in 2010, a substantial increase given that the most recent trials

were two in 2007 and one in 2000.

9 Reactivity and the Struggle for Human Rights

These analyses provide strong evidence that UPR causes states to adopt human rights
accountability measures in a manner that is consistent with the theory of reactivity. UPR
prompts states to issue more amnesties for opposition figures, fewer amnesties for government
officials, and increases the likelihood that states will begin prosecuting their own officials for
past crimes. However, UPR also causes states to create fewer truth commissions, indicating
an effort to obfuscate evidence of wrongdoing.

This collection of findings raise broader questions about the efficacy of UPR in the struggle
to advance human rights. Are states merely practicing gamesmanship, adopting accountability
strategically to ward off international opprobrium? Or does UPR “work” by prompting states
to implement measures they otherwise would not?

The theory of reactivity suggests these are not mutually exclusive explanations; policy
change can follow from both strategic and sincere motives. Indeed, the empirical findings
presented here align with both possibilities. In Figure 2, for example, states adopting
accountability measures in the years preceding review, and forgoing them afterward, would be
more consistent with gamesmanship, while effects persisting in the years after review occurs

would be more indicative of lasting policy change. The evidence, however, does not point

23 Pakistan did not accept the recommendation from the United States that it “|hjalt operations aimed at
silencing dissent in Balochistan and ensure laws are fully equally enforced to investigate and prosecute those
responsible for torture and enforced disappearances nationwide” (Human Rights Council, 2012).
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decisively in either direction. Likewise, the qualitative evidence shows that UPR leads states
to implement policies they otherwise would not, but Figure 4 shows the states are more
impacted by UPR when they have weaker judicial institutions, precisely the contexts where
legal accountability adopted to appease international pressure is often “window-dressing”
(Levitsky and Murillo, 2009, 120).

The consequences of UPR for human rights practices, however, does not necessarily hinge
on the intentions of those implementing reforms. There is a substantial body research showing
how modest policy changes, rhetorical commitments, or symbolic acts cause lasting and
often unintended policy shifts. Scholarship in both international relations and American
politics has shown that new policies can “lock in” government action, making policy reversal
politically and practically difficult (Moravesik, 2000; Patashnik, 2009). Policy proclamations
can tie governments to set courses of actions, raising the risks of hypocrisy and reputational
costs (Schimmelfennig, 2001). As a result, even minor policy change can set governments
on courses of action that are “almost impossible to reverse” (Pierson, 2000). This research
suggests that the policy reforms caused by UPR, especially policies involving change, like the
releasing of opposition figures and the prosecution of government officials for past abuse, are
not so easy to unwind.

These findings have important implications for our understanding of the politics of
UPR and the efficacy of international monitoring. As recent scholarship has consistently
documented, the UN Human Rights Council is deeply politicized (Carraro, 2017; Terman and
Voeten, 2018). At UPR, in particular, as Terman and Byun so eloquently write, “principled
neutrality is compromised in favor of political discretion” (Terman and Byun, 2022, 385). But
states are political actors, and no institutional arrangement is capable of getting them to check
their politics at the door. The question, then, is what institutional arrangement work despite
politicization? The evidence presented here indicates that the social processes unlocked by

UPR have the power to affect government accountability practices even in contexts rampant
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politicization. And even if modest or incremental, any act of legal accountability is a step

toward addressing past injustice and advancing human rights.
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A Summary Statistics

Table 1: Descriptive Statistics

Statistic N Mean St. Dev. Min Max
Amnesty of Opposition Figure 2,259 0.029 0.167 0 1
Amnesty of State Official 2,259 0.010 0.098 0 1
Amnesty of State Official for HR Violation 2,259 0.005 0.073 0 1
Truth Commission Onset 2,272 0.013 0.112 0 1
Trial Onset 2,258 0.145 0.352 0 1
Respect for Human Rights 2,257 0.694 1.582 —2.676  5.496
Freedom from Torture 2,272 0.916 1.492 —3.150  3.509
Freedom from Political Killings 2,272 1.277 1.468 —2.973  3.504
Direct Popular Vote 2,259 0.105 0.125 0.000 0.747
Civil Society Participation 2,259 0.668 0.241 0.022 0.988
Participatory Democracy 2,259 0.492 0.187 0.019 0.882
Review 2,272 0.207 0.405 0 1
Judicial Constraints on the Executive 2,259 0.582 0.312 0.003 0.991
Liberal Democracy 2,272 0.532 0.256 0.015 0.919
Log GDP Per Capita 2,085 3.010 1.163 0.319 5.396
Log Population 2,085 6.918 1.678 2.238 11.907
UNGA Ideal Point 2,232 —0.155 0.846 —2.147  2.767
Political Stability 2,232 —0.195 0.965 —3.315  1.656
Log Land Area 2,060 11.891 2.143 3.551 16.639
HRC Member 2,233 0.272 0.445 0 1
Africa 2,233 0.313 0.464 0 1
Asia 2,233 0.262 0.440 0 1
Latin America 2,233 0.146 0.353 0 1
W. Europe and Other States 2,233 0.146 0.353 0 1
COW Country Code 2,272 468.037 236.057 2 950
Year 2,272 2,014.007 3.740 2,008 2,020




B UPR Lottery Details

Figure 5 provides the distribution of the number of states from each regional group assigned
to each session during the first cycle. This is the schedule used for block randomization by

region during the UPR lottery.

Session/ African Asian GRULAC WEOG EEG Total

year Group Group
1-2008 4 4 3 3 2 16
2-2008 5 5 2 2 2 16
3-2008 4 4 3 3 2 16
4-2009 5 5 2 2 2 16
5-2009 4 4 3 3 2 16
6-2009 5 5 3 2 1 16
7-2010 4 5 3 2 2 16
8-2010 4 4 3 3 2 16
9-2010 4 5 3 2 2 16
10-2011 5 4 3 2 2 16
11-2011 4 5 2 3 2 16
12-2011 5 4 3 2 2 16

Total 53 54 33 29 23

Figure 5: Regional Distribution of States per Session. Table provides the number of states
that were required to be from each region when drawing lots (A/HRC/6/22, page 209).

Regional Groupings

The states categorized in each regional grouping are listed below. Bolded states are those
that were serving or had been elected to serve on the HRC in 2007 when the lottery was
conducted. The year these states were required to undergo their first review is noted in

parentheses.

African Group (53 States)

e Algeria (2007); Angola (2010); Benin; Botswana; Burkina Faso; Burundi; Cameroon
(2009); Cape Verde; Central African Republic; Chad; Comoros; Congo; Cote d’Ivoire;
Democratic Republic of the Congo; Djibouti (2008); Egypt (2010); Equatorial Guinea;
Eritrea; Ethiopia; Gabon (2008); Gambia; Ghana (2008); Guinea; Guinea-Bissau,
Kenya; Lesotho; Liberia; Libyan Arab Jamahiriya; Madagascar (2010); Malawi; Mali
(2008); Mauritania; Mauritius (2009); Morocco (2007); Mozambique; Namibia;
Niger; Nigeria (2009); Rwanda; Sao Tome and Principe; Senegal (2009); Seychelles;



Sierra Leone; Somalia; South Africa (2007); Sudan; Swaziland; Togo; Tunisia (2007);
Uganda; United Republic of Tanzania; Zambia (2008); Zimbabwe.

Asian Group (54 States)

e Afghanistan; Bahrain (2007); Bangladesh (2009); Bhutan; Brunei Darussalam;
Cambodia; China (2009); Cyprus; Democratic People’s Republic of Korea; Fiji; India
(2007); Indonesia (2007); Iran (Islamic Republic of); Iraq; Japan (2008); Jordan
(2009); Kazakhstan; Kiribati; Kuwait; Kyrgyzstan; Lao People’s Democratic Republic;
Lebanon; Malaysia (2009); Maldives; Marshall Islands; Micronesia (Federated States
of); Mongolia; Myanmar; Nauru; Nepal; Oman; Pakistan (2008); Palau; Papua New
Guinea; Philippines (2007); Qatar (2010); Republic of Korea (2008); Samoa;
Saudi Arabia (2009); Singapore; Solomon Islands; Sri Lanka (2008); Syrian Arab
Republic; Tajikistan; Thailand; Timor Leste; Tonga; Turkmenistan; Tuvalu; United Arab

Emirates; Uzbekistan; Vanuatu; Viet Nam; Yemen.
Latin American and Caribbean States (GRULAC) (33 States)

e Antigua and Barbuda; Argentina (2007); Bahamas; Barbados; Belize; Bolivia (2010);
Brazil (2008); Chile; Colombia; Costa Rica; Cuba (2009); Dominica; Dominican
Republic; Ecuador (2007); El Salvador; Grenada; Guatemala (2008); Guyana; Haiti;
Honduras; Jamaica; Mexico (2009); Nicaragua (2010); Panama; Paraguay; Peru
(2008); Saint Kitts and Nevis; Saint Lucia; Saint Vincent and the Grenadines; Suriname;
Trinidad and Tobago; Uruguay (2009); Venezuela (Bolivarian Republic of).

Western Europe and Other States (WEOG) (29 States)

e Andorra; Australia; Austria; Belgium; Canada (2009); Denmark; Finland (2007);
France (2008); Germany (2009); Greece; Iceland; Ireland; Israel; Italy (2010);
Liechtenstein; Luxembourg; Malta; Monaco; Netherlands (2007); New Zealand;
Norway; Portugal; San Marino; Spain; Sweden; Switzerland (2009); Turkey; United
Kingdom of Great Britain and Northern Ireland (2008); United States of America.

Eastern European States (EEG) (23 States)

e Albania; Armenia; Azerbaijan (2009); Belarus; Bosnia and Herzegovina (2010);
Bulgaria; Croatia; Czech Republic (2007); Estonia; Georgia; Hungary; Latvia; Lithua-
nia; Moldova; Montenegro; Poland (2007); Romania (2008); Russian Federation
(2009); Serbia; Slovakia; Slovenia (2010); The former Yugoslav Republic of Macedonia;
Ukraine (2008).



C Impact of UPR on Salience of Human Rights

Figure 6 presents the results of an analysis assessing how UPR impacts Google searches for
human rights (that is, variation in the Google Trends “human rights” topic) within countries
in the months before, during, and after a country undergoes UPR during the 2008-2020 time

period. Formally the analysis is,
Y;,m =o; + Ym + BDz,m + Ei,m

where Y ,, is the value of the Google Trends “human rights” topic for country ¢ in month m,
a; and 7, are country and month fixed effects, D, ,, is an indicator that takes 1 if country 4
under went review in month m, and ¢;,, is an error term. The effect of review on human
rights searches is estimated by B . I present the effect of review in the shaded region at t =0
as well as placebo estimates in which I move the month of review earlier or later by —12 to
12 months. Standard errors are clustered at the country-month. This analysis suggests that
UPR increases domestic Google searches for human rights related topics, which is consistent

with the claim that UPR exerts social pressure via a domestic politics mechanism.

Lag/Lead Analysis of Trends in Google "Human Rights" Searches

T T T

-10 5 0 5 10
Months relative to Month of Actual Review (t = 0)

Figure 6: Effect of UPR on Google Searches of Human Rights Topic.



D Randomization Inference

I conduct randomization inference in two ways. First, I conduct 10,000 placebo lotteries
following precisely the steps used by the HRC to implement the lottery on September 21,
2007. Critically, this approach holds fixed the treatment assignment of the 56 states that
were either serving on the HRC when the lottery was conducted in 2007 or that had been
elected to begin serving on the HRC in 2008.>* This is a conservative test, because in all
permutations these 56 states receive their observed treatment assignment. Consequently, this
approach does not produce a distribution centered around zero, but instead one in which some
effect is observed. Second, I conduct the same number of placebo lotteries, but ignore the
rule that states serving or elected to serve as HRC members in 2007 must be reviewed in the
final year of their term; all other rules (e.g., regional distributions, preferences of Switzerland
and Colombia, and the disruption of Haiti’s earthquake) are followed. This approach permits
the treatment assignment of these 56 states to vary.

I present my results as follows. First, in Figure 7, I assess the comparability of covariate
balance in the observed lottery to the 10,000 placebo lotteries used to conduct randomization
inference. The placebo lotteries produce treatment and control groups that are very similar
to those observed in the true lottery. This suggests that the outcome of the observed lottery
is not an outlier. The t-statistic for each covariate in the observed lottery (represented by
the red dashed vertical lines) is between the 2.5 and 97.5 percentiles of the distribution of
t-statistics computed for each placebo lottery (represented by the solid green and orange
vertical lines) with the sole exception of Log Population, where the lottery imposing the HRC
rule tends to produce more a more populous treatment group than the lottery that omits
this rule.?” This difference suggests that larger, more powerful states were more likely to be
serving or elected to serve on the HRC when it was first created and when the lottery was
conducted. I address this difference by controlling for population and GDP per capita in my
regression-based analyses and by assessing the robustness of my results using non-parametric
sensitivity analysis described below.

Second, in Figure 8, I use randomization inference to assess the robustness of the results

presented in Figure 2. Models (2), (4), (5), and (6) present the same analyses as those

24 These states’ names and the years of their initial reviews are bolded in the regional lists above.
25 Formally, for each variable Y, the t-statistic is,

ﬁobs _ Y/obs
/82 /Ny + s2/N,

where s2. and sZ are the variances of Y for states assigned to treatment and control, Y;°** and Y2 are the
averages of Y for states assigned to treatment and control, and N; and N, are the number of states assigned
to treatment and control.

Tt—st at _

(2)
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Figure 7: Covariate Balance Across Permutations. Each facet plots the density of t-statistics
of differences between reviewed and non-reviewed states for given covariate across 10,000
placebo lotteries. Distributions of t-statistics computed from lotteries that hold fixed HRC
members’ treatment assignments are green; distributions computed from lotteries that ignore
this rule are orange. Vertical solid lines mark the 2.5 and 97.5 percentiles of each distribution.
Red dashed vertical lines mark the observed t-statistics from the true lottery.



provided at ¢ = 0 in Figure 2; model (1) excludes covariates to assess model dependence
and model (3) assess whether UPR impacts all amnesties issued governments for their own
officials, rather than just the set of amnesties targeting past human rights violations. The
distribution of null estimates computed by replicating the UPR lottery 10,000 times are
represented by the two densities. The green density impose the rule that the 56 states serving
or elected to the HRC in 2007 underwent UPR first, which holds these states’ treatment
assignments fixed; the orange densities ignore this rule. In each plot I report the empirical
cumulative distribution function (eCDF), F'(t), of the observed estimate in the distribution of
placebo estimates.”® By conventional standards, values of F'(t) at the 95% (90%) significance
level are less than 0.025 (0.05) or greater than 0.975 (0.95).

Next, in Figure 9, I extend the randomization inference to estimates in which I artificially
move earlier or later states assigned review dates. Again, the only estimates that falls outside
the 0.025 and 0.975 quantiles of the permuted estimates are those of the observed actual
treatment presented in the shaded regions of each pane. The analyses in Figures 8 and 9
thus validate the results presented in Figure 2.

Third, in Figure 10, I use nonparametric statistics to evaluate the robustness of the results
presented in Figure 2. Specifically, I compare the true observed relative risk to the observed
relative risk computed across the set of placebo lotteries.?” Again, I find strong evidence
that states respond in a manner consistent with the concept of reactivity. Consistent with
the regression-based results, these analyses show that states under review are twice as likely
to issue opposition amnesties and less than half as likely to create new truth commissions.
Estimates of the effect of UPR on the initiation of domestic human rights prosecutions is

slightly more robust in this analysis than in Figure 8.

26 Formally, the eCDF is estimated as

n

Ey(t) = % > I(mi<t)

i=1

where t is the quantity of interest computed from the observed data, z; are test statistics computed from
each of the n = 10,000 permutations of the treatment assignment, and () is an indicator function that takes
1if z; <t and is 0 otherwise.

27 Formally, observed relative risk is,

RRObs _ P(Y: 1|D: 1) _ nitz?:tlyviet
U PY=1D=0) LY Vi

where n; and n. are the number of states in the treatment and control conditions, and Y;j¢; and Y;¢. are the
outcomes for states in these conditions.
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Figure 8: Randomization Inference. Each facet plots the distribution of 10,000 placebo ATEs
(7) computed by equation (1). As in Figure 7, distributions of ATEs computed from lotteries
that hold fixed HRC members’ treatment assignments are green; distributions computed from
lotteries that ignore this rule are orange. Red dashed vertical lines mark the observed ATE
from the true lottery. The eCDF of the observed ATE in the distribution of placebo lotteries
is noted in each plot.
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Figure 9: Randomization Inference with Lag and Lead of Review. Each facet plots the
distribution of 10,000 placebo ATEs (7) computed by equation (1). Circles with crosshairs are
the point estimates reported in Figure 2. The distribution of placebo estimates is represented
by the violins and scatterplots. Black lines at the top and bottom of each distribution
represent 0.025 and 0.975 quantiles in the distribution of placebo estimates.
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E Multiplicative Interaction Models

Here I show that the effect of UPR is greatest among states in with executives that are less
constrained by the judiciary. To do so, I estimate a series of two-way fixed-effect multiplicative

interaction models of the form:
Yiio=oi+7+ 0D +nXiy+ B(Dig X Xit) + €4

where Y;; is, as before, the relevant outcome for state ¢ in year ¢, D;; is an indicator that
takes 1 if state ¢ underwent review in year t, «; and 7, are state and year fixed effects, and
X, the moderator, is the V-Dem Judicial Constraints on the Executive Index for country ¢
in year t.

To conduct this analysis, I follow the best-practices recommended by Hainmueller, Mum-
molo and Xu (2019). First, in Figures 11 and 12, I present scatterplots of the value of the
outcome by the moderator for each treatment group along with LOESS (red) and linear
regression lines (blue). The overlap of the LOESS and OLS lines is evidence consistent
with the linear interaction effect assumption, suggesting that a simple linear interaction
model is well-suited to the data and not likely prone to model dependence (Hainmueller,
Mummolo and Xu, 2019, 165). In the case of opposition amnesties and domestic human
rights prosecution, there is evidence of a non-linear treatment effect, suggesting that this
assumption may be violated. Therefore, I estimate main results using a semi-paramentric
kernel weighting estimator. These plots also provide preliminary descriptive evidence of an
interaction effect. We observe greater variance in outcomes among more states with more
executive independence from the judiciary. Finally, these plots demonstrate common support
in the values of the moderator between these groups, which is to be expected given the
random assignment of treatment.

Second, in Figure 13, I present four interaction analyses using randomization inference to
construct null distributions. Figure 14 replicates this analysis using the lottery that restricts
the treatment assignment status of the 56 states serving on or elected to the HRC in 2007.
The black line in these figures is the same estimate presented in Figure 4; however, instead
of estimating uncertainty with a bootstrapped 95% confidence interval, I plot 10,000 null
estimates computed from replications of the lottery. Dashed lines in Figures 13 and 14 mark
the 95th and 90th percentiles of these null distributions for each value of the moderator.

Finally, in Table 2, I demonstrate that review has no effect on the V-Dem Judicial
Constraints on the Executive Index, which would suggest post-treatment bias. In these
analyses, | estimate a series of linear regression models: Model (1) is a simple bivariate

regression of the index on the treatment variable; Model (2) adds country and year fixed
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Figure 11: Linear Interaction Diagnostic Plots (1 of 2). Figures present scatterplots
of outcome by treatment assignment across values of the moderator, the V-Dem Judicial
Constraints on Executive Index. Red lines are LOESS curves. Blue lines are OLS regression
lines.
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Figure 12: Linear Interaction Diagnostic Plots (2 of 2). Figures present scatterplots
of outcome by treatment assignment across values of the moderator, the V-Dem Judicial
Constraints on Executive Index. Red lines are LOESS curves. Blue lines are OLS regression

lines.
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Figure 13: Interaction of Review and Judicial Constrains on Executive, Replication with
Randomization Inference, No HRC Rule. Each pane presents an interaction model of how the
relationship between the treatment and outcome variables depends on the level of executive
independence from the judiciary. The distribution of the 95% and 90%-tiles of imputed
estimates are represented by the gray shaded regions and dashed lines.

effects; and Model (3) adds the same set of control variables used in prior analyses. Across

the board, there is no evidence that UPR impacts the moderator, mitigating concerns about

post-treatment bias.
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Figure 14: Interaction of Review and Judicial Constrains on Executive, Replication with
Randomization Inference, HRC Rule. Each pane presents an interaction model of how the
relationship between the treatment and outcome variables depends on the level of executive
independence from the judiciary. The distribution of the 95% and 90%-tiles of imputed
estimates are represented by the gray shaded regions and dashed lines.
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Table 2: Treatment Does Not Impact Moderator

Dependent variable:

Judicial Constraints on the Executive

(1) (2) (3)
Review —0.007 (0.016)  —0.001 (0.004)  —0.004 (0.002)
Polity Score —0.037 (0.029)
Log GDP Per Capita 0.008 (0.007)
Log Population 0.757** (0.059)
UNGA Ideal Point 0.002 (0.005)
HRC Member —0.050*** (0.014)
Country + Year FE - v v
Covariates - - v
Observations 2,259 2,259 2,059
Adjusted R? —0.0004 0.955 0.976

Notes: Country-year cluster robust standard errors in parentheses.
*p<0.1; *p<0.05; **p<0.01.

16



	Introduction
	The Promise and Peril of Human Rights Monitoring
	A Theory of Reactivity and Legal Accountability
	Human Rights Monitoring as Social Pressure
	Conditional Reactivity

	Observable Implications
	Data and Measurement
	Research Design: The UPR Lottery
	Empirical Findings
	Evidence of Reactivity
	No Evidence of Backlash or Improved Human Rights Practices
	Legal Constraints Moderate Reactivity

	Illustrative Evidence
	Reactivity and the Struggle for Human Rights
	Summary Statistics
	UPR Lottery Details
	Impact of UPR on Salience of Human Rights
	Randomization Inference
	Multiplicative Interaction Models

